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FIGURE 4

Projective-attention
mechanism 303 takes
the estimated 3D joint
location, and projects it

into 2D to obtain the
projected anchor point

|
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gather the localized
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each camera view to
learn deformable 2D
offsets, and based on
the deformable 2D
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deformable points for
each projected anchor
point
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Table 1: Result on the Panoptic dataset. MvP is more accurate and faster than VoxelPose.

Methods AP25 APso APioo APis0 Recallasoo MPJPE[mm] Time[ms]

VoxelPose [35] 84.0 964 975 97.8 98.1 17.8 320
MvP (Ours) 923 96.6 975 97.7 98.2 15.8 170

FIGURE 8
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Table 2: Results (in PCP) on Shelf and Campus datasets.

Methods

Campus

7 Actor 1 Actor2 Actor3 Average _ Actor 1 Actor2 Actor3 Average

Belagiannis ez al. [2]
Ershadi er al. [8]
Dong et al. [6]
VoxelPose [35]
MvP (Ours)

75.3
93.3
98.8
99.3
99.3

Shelf
69.7 87.6
75.9 94.8
94.1 97.8
94.1 97.6
95.1 97.8

71.5
88.0
96.9
97.0
97.4

93.5
94.2
97.6
97.6
98.2

75.7
92.9
93.3
93.8
9.1

84.4
84.6
98.0
98.8
97.4

84.5
90.6
96.3
96.7
96.6

FIGURE 10
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Table 3

RConv AP35 AP190 MPIPE Query APas AP190 MPJPE Thr. AP2s AP100 MPJPE
w/ 923 975 158 Per-joint 67.4 847 412 0.0 93.1 985 163
w/o 875 962 174 Hier. 825 932 195 0.1 923 975 158

Hier+ad. 92.3 975 158 0.2 91.1 962 155

(a) The effect of RayConv. w/o
means removing Wu%ﬂo:ﬁ (b) Different joint query embedding 04 892 937 150
schemes. (¢) Different confidence threshold
Dec. APas AP100 MPJPE during evaluation.

Cam. APss APi190 MPIPE

2 63 925 496 -
3634 956 228 I 47 610 938 K APss APioo MPIPE
4 868 968 175 2 377 93.0 3438 1 88.6 963 182
5 918 976 16.2 3 718 951 211 2 893 975 174
6 923 975 158 4 84.1 967 193 4 923 97.7 158
7 920 975 159 5 923 975 158 8 844 91.1 203
(d) Number of decoder layers. (e) Number of camera views. (f) Number of deformable points KA.
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Table 4 : Results of replacing camera ray directions with 2D coordinates
in RayConv

Positional Input AP>s AP0 MPIJPE

Camera Ray Directions  92.3 97.5 15.8
2D Spatial Coordinates  83.3 93.0 18.1

FIGURE 12
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Table 5 :Comparison between Dense Attention and Projective Attention

Models APs5  AP1o0 MPIJPE  GPU Memory|G]

MvP-Dense 0.0 16.1 114.5 31.0
MvP 02.3 97.5 15.8 6.1

FIGURE 13
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