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A second processor obtains embedding information required
by a computing core for performing model training of an M™
batch and embedding information stored in a first memory

'

The second processor writes a first target embedding to the
first memory based on the embedding information required by
the computing core for performing model training of the M™
batch and the embedding information stored in the first
memory, where the first target embedding is an embedding that
is required for model training of the M"™ batch and that is not
stored in the first memory

FIG. 18b

1900

Obtaining unit H Model training unit

Data writing unit

1901 1902

I/ 1903

FIG. 19

2000

Obtaining unit H Data writing unit

2001 2002

FIG. 20

1801

1802



17/18

—— 2100

Training device

2121~—"" Y Processor

Power
supply

2126

Operating system 1" \ 2141

Data 1\ 2144

Application program

1\ 2142
Storage medium ~—71\ 2130
Memory ~—T1 2132

| <
Wired or -{ 2150

wireless
network
interface

v

9 /-\
Input/Output -1 21°8

interface

/

FIG. 21



Host CPU

18/18

A

\ 4

External
memory

A

\ 4

| Weight
| memory 2202
A
Input
| memory Operation
> 2201° [ circuit 2203 €]

T

Vector l
computation <« Accumulator
unit 2207 2208
Direct memory 2 v Instruction
access L, Unified Controller |, fetch buffer
controller 2205 memory 2204 2209
A 2206 A
A 4 A 4

Bus interface unit 2210

\ 4

Neural network processing unit 2200

FIG. 22




