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Acquire a training data set, the training data set comprising an input text

sample and an output label corresponding to the input text sample

Use a text sequence comprising the input text sample and the output label
corresponding to the input text sample as input of a text prediction model to train the
text prediction model, wherein the text prediction model uses an LLM, and the LLM
comprises a plurality of layers of Transformer networks that are connected in series;
during training, each Transformer network is separately implemented as a current
layer of Transformer network: in a current round of iteration, a feature representation
outputted by a previous layer of network is used to determine a first key matrix, a
first value matrix, and a first query matrix; the first key matrix is concatenated with a
second key matrix obtained by the current layer of Transformer network in a previous
round of iteration so as to obtain a third key matrix, and the first value matrix is
concatenated with a second value matrix obtained by the current layer of
Transformer network in the previous round of iteration so as to obtain a third value
matrix; the third key matrix, the third value matrix, and the first query matrix are used
to perform self-attention mechanism processing so as to obtain the feature
representation outputted by the current layer of Transformer network; the first key
matrix is used to update the second key matrix, and an updated second key matrix is
used as a second key matrix obtained by the current layer of Transformer network in
the current round of iteration; and the first value matrix is used to update the second
value matrix, and an updated second value matrix is used as a second value matrix
obtained by the current layer of Transformer network in the current round of
iteration
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(57) Abstract: Disclosed in the embodiments of the present disclosure are a text prediction model training method and device, and
a text prediction method and device. According to the present disclosure, a training sample set is used for training a large language
model (LLM) to obtain a text prediction model. In this mode, labeled samples are substantively used for training the LLM, and in the
updating process of a second key matrix and a second value matrix, a second key matrix and a second value matrix obtained by means
of a previous round of iteration and a first key matrix and a first value matrix generated by a current input feature matrix are used,
so that historical information and information of a current input text are both kept, and the LLM can fully understand and learn the
labeled samples, thereby improving an LLM-based text prediction effect in an in-context learning scenario. In addition, the mode of
forward optimizing a model greatly reduces model parameters needing to be updated, reduces costs of model training, and improves
the efficiency.
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