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Acquire parameters of the core feature extraction layer and the global information
feature extraction layer by training based on a first scene label of a sample image and
a standard cross-entropy loss
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Train a weight parameter of the LCS module of each level, based on a loss value
acquired by performing a pixel-by-pixel calculation on a feature map output from the
LCS module of each level and the first scene label of the sample image
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Acquire a parameter of the fully-connected decision layer by training based on the
first scene label of the sample image and the standard cross-entropy loss
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