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DETAILED DESCRIPTION OF EXEMPLARY EMBODIMENTS

[0009] FIGS. 1A-1C are a flowchart of an exemplary method 100 for allocating capital

to trading strategies.

[0010] At step 101, a virtual machine is generated by a master virtual machine server

for a trading strategy in a historical server.

[0011] According to various exemplary embodiments, a virtual machine may comprise

an emulation of a particular computer system. Virtual machines operate based on the

computer architecture and functions of a real or hypothetical computer, and their

implementations may involve specialized hardware, software, or a combination of both.

[0012] In certain exemplary embodiments, a master virtual machine server may

comprise a single server responsible for generating all of or most of the herein described

virtual machines.

[0013] A historical server according to some exemplary embodiments may comprise

trading algorithms, trading strategies or "bots" that meet minimum standards as stored in

a database and/or in a data warehouse.

[0014] For example, a cloud manager may be a custom application that manages

trading strategies or algorithms. The cloud manager is configured to the cluster of

cloud computing instances for processing large amounts of data. The cloud manager

serves as the user interface to handle the ordering and cancelling of virtual computing

instances. Additionally, the cloud manager may allow for detailed customization of the

virtual machines. For example, Random Access Memory ("RAM"), processor speed,

number of processors, network details,

security /encryption, and/or memory may be detailed for each virtual machine and/or all

virtual machines. Once the cluster of cloud computing instances is
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ordered and running, the cloud manager is "listening" for idle machines and "assigning"

any idle machine a trading strategy for analysis.

[0015] A cloud-based computing environment is a resource that typically combines

the computational power of a large grouping of processors and/or that combines the

storage capacity of a large grouping of computer memories or storage devices. For

example, systems that provide a cloud resource may be utilized exclusively by their

owners; or such systems may be accessible to outside users who deploy applications

within the computing infrastructure to obtain the benefit of large computational or

storage resources.

[0016] For example, from a 3rd party cloud provider, an order is placed to create

virtual machine (vm) based of an image of a stored template vm with required

specifications and name it "VM1."

[0017] At step 102, each virtual machine generated at step 101 obtains historical

performance data for its respective strategy from the historical server.

[0018] Historical performance data may include price and volume data at any previous

point in time for a tradable item in any market or exchange.

[0019] At step 103, each virtual machine transforms the historical performance data

into metrical data.

[0020] Metrical data includes total profit over 1 year, percentage of profitable trades

over a time period, how much was gained or lost in each trade, percentage of profitable

trades in a bear or bull market, correlation to other indexes, ratio of profitable trades to

cover largest loss, etc. For instance, % of profitable trades (= profitable trades / total

number of trades) may be used as metrical data.

[0021] At step 104, each virtual machine transforms the historical performance data

and metrical data into a neural network usable data set.

[0022] In some exemplary embodiments, a neural network usable data set comprises

an aggregation of data points organized into one or more sets.
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[0076] FIG. 2 is a diagram of an exemplary system 200 for implementing

embodiments of the present technology.

[0077] Shown in FIG. 2 are historical server 201, master virtual machine server 202,

neural network 203, fusion server 204, historical database 205, virtual machines 206,

market exchange 207, market data server 208 and real time trading server 209.

[0078] According to various exemplary embodiments, a virtual machine 206 is

generated by a master virtual machine server 202 for a trading strategy in a historical

server 201. Each virtual machine 206 generated obtains historical performance data for

its respective strategy from the historical server 201. Each virtual machine 206

transforms the historical performance data into metrical data. Each virtual machine 206

transforms the historical performance data and metrical data into a neural network usable

data set. Each virtual machine 206 creates a neural network base. The neural network

base, along with the neural network usable data set forms a neural network 203. Each

virtual machine 206 trains its respective neural network 203 (and the neural network

learns) for one or more data points. An error rate for the one or more data points is

determined and observed by each virtual machine 206 until the error rate stops

converging or cannot converge. If the observed error rate does not converge, the neural

network 203 is dropped and marked as "unusable" for the one or more historical data

and metrical data points for the tradable item employing a particular strategy. If the

observed error rate converges, the neural network 203 is saved and marked as "usable."

The saved usable neural network 203 is tested against an updated historical and metrical

data set. For each time-frame in the updated historical and metrical data, the neural

network 203 is retrained until it stops converging. The neural network 203 is saved with

the one or more data points as a binary object. Each virtual machine 206 transmits the

binary object to the historical server 201. A fusion server 204 activates the neural

network 203 as stored in the historical server 201 as the binary object. The
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neural network 203 obtains updated historical and/or metrical data from the historical

server 201. The neural network 203 calculates a confidence value based upon the

updated historical and/or metrical data. The fusion server 204 obtains the calculated

confidence value and determines whether to execute a trade. The fusion server 204

performs a survey. The fusion server 204 compares the survey against the maximum

number of contracts that the trader may invest in the tradable time to determine an order

to send to the market exchange 207. The real time trading server 209 is updated to reflect

execution of the sent order to the market exchange 207.

[0079] The exemplary systems and methods described herein may be performed in a

secure computing environment including the use of firewalls and encryption technology.

Given the potentially high value of the information being generated, and the potential

magnitude of the resulting investment decisions, measures may be taken to perform

some or all of the steps herein in a secure manner, with emphasis on such steps as the

determination of strategy and execution of trades. For example, in addition to an optimal

strategy, non-optimal strategies may purposely be added in the same string or digital data

environment of the optimal strategy to confuse any unwanted hackers intercepting such

information. As another example, in addition to a desired trade to be executed, undesired

trades may purposely be added in the same string or digital data environment of the

desired trade to confuse any unwanted hackers intercepting such information. Further,

the desired trade may receive funding for execution, whereas the undesired trades may

not receive funding for execution.

[0080] While various embodiments have been described above, it should be

understood that they have been presented by way of example only, and not limitation.

The descriptions are not intended to limit the scope of the technology to the particular

forms set forth herein. Thus, the breadth and scope of a preferred embodiment should

not be limited by any of the above-described exemplary
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CLAIMS

1.A m ethod forallocating capitaltotra d ing strate g iescom prising :

g enerating a virtualm a chine b ya m astervirtualm a chine serverfora

tra d ing strate g yin a historicalserver;

ob taining historica lperform ance d ata forthe tra d ing strate g yfrom the

historica lserver;

transform ing b ythe virtualm a chine the historica lperform a nce d ata into

m etricald ata;

transform ing b ythe virtualm a chine the historica lperform a nce d ata a nd

m etricald ata into a neuralnetworkusa b le d ata set;

cre ating b ythe virtualm a chine a neuralnetwork b ase;

form ing b ythe virtualm a chine a neuralnetwork,furthercom prising the

virtualm a chine a nd the historica lservercom prising separate entities,the virtual

m a chine b eing g enerate d a nd d e d icate d fora spe cific tra d ing strate g y;

training b ya virtualm a chine a neuralnetwork forone orm ore d ata

points;

ca lculating b ythe virtualm a chine a n errorrate forthe one orm ore d ata

pointsuntilthe errorrate stopsconverg ing orca nnotconverg e;

saving b ythe virtualm a chine the neuralnetwork;
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testing b ythe virtualm a chine the save d neuralnetwork a g ainstupd ate d

m etricala nd historicald ata;

training b ythe virtualm a chine the save d neuralnetwork;

saving b ythe virtualm a chine the neuralnetwork asa b inaryob je ct;

transm itting b ythe virtualm a chine the b inaryob je ctto a historica lserver;

a ctivating b ya fusion serverthe neuralnetwork;and

ob taining b ythe fusion serverhistorica lm etrica la nd historica l

perform a nce d ata.

2. The m ethod of claim 1,furthercom prising :

ca lculating b ythe fusionservera confid ence va lue.

3. The m ethod of claim 2,furthercom prising :

d eterm ining b ythe fusion serverwhetherto exe cute a tra d e.

4. The m ethod of claim 3,furthercom prising :

perform ing b ythe fusion servera survey.

5. The m ethod of claim 4,furthercom prising :

d eterm ining b ythe fusion serveran ord ertosend to an excha ng e.
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6.The m ethod of claim 5,furthercom prising :

send ing b ythe fusion serverthe ord ertothe exchang e.

7. The m ethod of claim 6,furthercom prising :

upd ating b ythe fusion servertore fle cta n exe cute d ord er.

8.A system forallocating capitaltotra d ing strate g iescom prising :

a m e a nsforg enerating a virtualm a chine fora tra d ing strate g yin a

historica lserver;

a m e a nsforob taining historica lperform a nce d ata forthe tra d ing strate g y

from the historica lserver;

a m e a nsfortransform ing the historica lperform a nce d ata intom etrica l

d ata;

a m e a nsfortransform ing the historica lperform a nce d ata a nd m etrica l

d ata into a neuralnetworkusa b le d ata set;

a m e a nsforcre ating a neuralnetwork b ase;

a m e a nsforform ing a neuralnetwork,and furthercom prising the virtual

m a chine a nd the historica lservercom prising separate entities,the virtual

m a chine b eing g enerate d a nd d e d icate d fora spe cific tra d ing strate g y;

a m e a nsfortraining a neuralnetwork forone orm ore d ata points;
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a m e a nsforca lculating a n errorrate forthe one orm ore d ata pointsuntil

the errorrate stopsconverg ing orca nnotconverg e;

a m e a nsforsaving the neuralnetwork;

a m e a nsfortesting the save d neuralnetwork a g a instupd ate d m etrica l

a nd historica ld ata;

a m e a nsfortraining the save d neuralnetwork;

a m e a nsforsaving the neuralnetwork asa b inaryob je ct;

a m e a nsfortransm itting the b inaryob je ctto a historica lserver;

a m e a nsfora ctivating the neuralnetwork;and

a m e a nsforob taining historica lm etricala nd historica lperform a nce d ata.

9. The system of claim 8,furthercom prising :

a m e a nsforsaving the neuralnetwork;

a m e a nsfortesting the save d neuralnetwork a g a instupd ate d m etrica l

a nd historica ld ata;

a m e a nsfortraining the save d neuralnetwork;

a m e a nsforsaving the neuralnetwork asa b inaryob je ct;

a m e a nsfortransm itting the b inaryob je cttothe historica lserver;

a m e a nsfora ctivating the neuralnetwork;

a m e a nsforob taining historica lm etricala nd historica lperform a nce d ata;
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a m e a nsforca lculating a confid ence va lue;

a m e a nsford eterm ining whetherto exe cute a tra d e;

a m e a nsforperform ing a survey;

a m e a nsford eterm ining a n ord ertosend to a n exchang e;

a m e a nsforsend ing the ord ertothe excha ng e;a nd

a m e a nsforupd ating tore fle cta n exe cute d ord er.


