acquiring a plurality of pieces of description information
and a sample abstract |abeled with an el ement type, of a
sample object

extracting an e ement embedding feature of the element
type and a description embedding feature of each of the
plurality of pieces of description information

[ us ng the element embedding feature and the description )
embedding feature as inputs of ajoint abstract model to be
trained, and usi ng the sampl e abstract as an output of the joint
abstract model, in which the joint abstract model includes a
first model and a second model, and a degree of correlation
between each of the plurality of pieces of description
information and the el ement type, output from the first model,
is used as an input of the second model, and training the joint
abstract model based on a classification loss value of the first
model and a decoding loss value of the second model, to
process commodity description information of atarget object

to generate a commodity abstract matching a target element

\_ type
FIG. 1

)

acquiring a corresponding element type digital number and a
corresponding description information digital number by converting the
element type and a character string of each of the plurdity of pieces of
description informati on based on a preset vocabulary mapping table

generating the element embedding f eature and the description
embedding feature of each of the plurality of pieces of description
informati on by processing the element type digital number and the
description information digital number based on a preset embedding
maitri X
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acquiring and averaging word-coding implicit vectors as a vector
representation of each of the plurality of pieces of description
information by inputting the description embedding feature of each
of the plurality of pieces of description information into the RNN
word-level encoder for encoding processing

acquiring a sentence-level feature value vector of each of the plurality
of pieces of description information by inputting the vector
representation of each of the plurality of pieces of description
information into the RNN sentence-level encoder for encoding
processing and compressing

acquiring the degree of correl ation between each of the plurality of
pieces of description information and the element type by a

classification matrix by inputting the sentence-level feature value
vector and the element embedding feature into the classifier

FIG. 3

sentence 1: netcom version with a processor
8GB+128GB processor with excellent performance

sentence 2: more beautiful and more nature

description
information sentence 3: 52,000,000 pxels

sentence 4: 7 nm technique, double NPU, stronger
and smarter

sentence 5: A mobile phone with aflagship a
processor, double NPU makesit stronger

The mobile phone A with a flagship a processor,
sample abstract double NPU makesit stronger
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receiving the commodity description
information of the target object

acquiring at least one preset target element
type

obtaining a commodity abstract corresponding to each of
the at | east one preset target el ement type by inputting
the commodity description information and the at | east
one target element type into the trained joint abstract
model

FIG. 6
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apparatus for processing
element text

first acquiring
modul e

first processing
modul e

extraction modul e
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apparatus for processing
element text

first processing

module
first acquiring

module RNN word-

level encoder
extraction RNN sentence-

modul e

level encoder
classifier

FIG. 8

4/6



apparatus for processing €l ement text

firgt processing
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module level encoder
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apparatus for processing el ement text
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modul e first processing module
extraction
module RNN word-
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