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Receive an access request to access a resource by a user device 602
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Retrieve, from an embedding table, a user embedding associated with the |,/
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Input the user embedding into a machine learning model of the processing
computer that is trained using the embedding table
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Determine, based at least in part on the machine learning model, an access | 698
score for determining whether to authorize the user device to access the
resource
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Subsequent to generating an embedding table, generate a second
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1102

1104

¥,

\ 4

Evaluate the transformation model based at least in part on utilizing a
nearest-neighbor algorithm

FIG. 11

1106



WO 2021/061159

1200

Sheet 12/12

~—

USER

1202

i

USER
1201

DEVICE |[¢—»

ACCESS
DEVICE
1204

FIG. 12

PCT/US2019/053580

BUILDING
1206




