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acquiring a sample training set including different sample attributes

l

calculating entropy value gain that represents an effect of the attribute on
an underwriting result of each attribute, according to the underwriting
result of a sample of each attribute in the sample training set

taking the attribute with highest entropy value gain as a current node of

the underwriting decision tree, and dividing the sub-attribute ,—— S103

corresponding to the attribute with the highest entropy value gain as a
next node of the current node

'

extracting the sample training subset classified of the sub-attribute from | ——

the sample training set

l

determining the sample training subset as the sample training set, and
calculating the entropy value gain of the sub-attribute recursively and
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dividing the sub-attribute till the divided sub-attribute of the next node [

satisfies a preset condition of becoming a leaf node of the underwriting
decision tree
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acquiring a sample training set including different sample attributes

l

calculating entropy value gain that represents an effect of the attribute on
an underwriting result of each attribute, according to the underwriting
result of a sample of each attribute in the sample training set

v

taking the attribute with highest entropy value gain as a current node of

_— s102

the underwriting decision tree, and dividing the sub-attribute |_——S103

corresponding to the attribute with the highest entropy value gain as a
next node of the current node

;

extracting the sample training subset classified of the sub-attribute from | ——

the sample training set

determining the sample training subset as the sample training set,
calculating the entropy value gain of the sub-attribute recursively and
dividing the sub-attribute, and determining the sub-attribute as the leaf
node of the underwriting decision tree till the divided sub-attribute only
has one, or till the underwriting results of the divided sub-attributes all
pass or fail to pass, or till the entropy value gain of the sub-attribute is
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lower than a preset threshold
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acquiring a sample training set including different sample attributes

calculating entropy value gain that represents an effect of the attribute on

an underwriting result of each attribute, according to the underwriting | —— S102

result of a sample of each attribute in the sample training set

taking the attribute with highest entropy value gain as a current node of

the underwriting decision tree, and dividing the sub-attribute | —— S103

corresponding to the attribute with the highest entropy value gainas a
next node of the current node

l

extracting the sample training subset classified of the sub-attribute from
the sample training set

S104

Y

determining the sample training subset as the sample training set, and
calculating the entropy value gain of the sub-attribute recursively and
dividing the sub-attribute till the divided sub-attribute of the next node
satisfies a preset condition of becoming a leaf node of the underwriting
decision tree
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displaying the underwriting decision tree and displaying the
underwriting result of the corresponding attribute in the leaf node of the
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underwriting decision tree
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