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maps from a to-be-processed image
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Performing area pooling on the adjusted fusion feature maps 
through the pooling layers according to the current primary 
target area frame data to obtain a new fusion feature map
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Inputting a sample image containing target area frame 
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Inputting the sample image containing target area frame 
labeling information in a deep convolutional neural network 
for target area frame detection to detect to obtain a plurality 

of fusion feature maps
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Obtaining a plurality of fusion feature maps from the 
sample image containing the target area frame labeling 

information
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