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S100
A style sample set and a real sample set are acquired o

A 4
The first generative subnetwork is trained based on the real sample
set such that the first content feature generated by the first —

generative subnetwork is capable for reconstruction of a structural
feature of the style image

S200

A

After training of the first generative subnetwork completes, the ——5300

image processing model is trained iteratively based on the style

sample set, the real sample set and the style code until a first
convergence condition is satisfied

FIG. 1B
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The style code is generated by using the style encoder, the style
code including a structural style code and a color style code

\ 4

A second content feature is generated by using a third generative
subnetwork of a generator based on the structural style code and
the real sample set, the generator including the style encoder, the
third generative subnetwork and the second generative
subnetwork, and the third generative subnetwork being configured
to affect a structural feature of a style image corresponding to a
real sample of a fixed size
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The first content feature is generated by using the first generative |~ 52003

subnetwork based on the real sample set

A

A first regularization loss between each first content feature and

the corresponding second content feature is determined, the first L

regularization loss being used to represent a difference between the
first content feature and the second content feature
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The first generative subnetwork is trained iteratively based on the
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first regularization loss until a second convergence condition is

satisfied

FIG. 2

Feature extraction is performed on the real sample set by using the
first generative subnetwork to obtain third content features under
different resolutions
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Each style image is generated by using the second generative

subnetwork based on the first content feature, the third content

features under different resolutions, and the style codes under
different resolutions
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The style encoder generates the style code of the content image,
the content image being an image determined from an image
frame set to be processed, and there being a sequential relationship
for the image frame set
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The first generative subnetwork generates, based on the content
image, the first content feature capable for reconstruction of a
structural feature of the style image

S402

A 4

The second generative subnetwork generates the style image based
on the first content feature and the style code
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