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SHARED PRODUCT RECOMMENDATION METHOD AND
APPARATUS AND ELECTRONIC DEVICE

TECHNICAL FIELD

[0001] The present specification relates to the field of computer applications, and
in particular, to a shared product recommendation method and apparatus and an

electronic device.

BACKGROUND

[0002] Sharing economy is an emerging economic model in recent years. Different
from a conventional trading economy, the sharing economy is essentially a time-based
rental economy. Service providing companies usually launch a large number of shared
products in various corners of the market for users to find and rent. For example,
currently, in the sharing economy field, a series of products and services such as
shared bicycle, shared mobile power bank, shared umbrella, and shared clothing have

emerged.

SUMMARY

[0003] The present specification provides a shared product recommendation
method, where the method includes: obtaining credit information of a user; inputting
the credit information to a recommendation model for calculation, where the
recommendation model is a machine learning model, and modeling features of the
machine learning model include the credit information of the user; and recommending
a shared product to the user based on a calculation result of the recommendation
model, where a usage history of the user for the shared product is used to evaluate the
credit information of the user.

[0004] Optionally, the modeling features further include basic information about
the shared product, and the basic information about the shared product includes a
credit admission condition of the shared product, and the method further includes:
inputting the basic information about the shared product to the recommendation

model for calculation.
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[0005] Optionally, the modeling features further include condition of use
information of the shared product and user information used to determine whether the
user satisfies a condition of use of the shared product.

[0006] Optionally, the calculation result of the recommendation model is a use
probability of the user for the shared product; and the recommending a shared product
to the user based on a calculation result of the recommendation model includes:
determining whether the use probability of the user for the shared product calculated
by the recommendation model reaches a predetermined threshold, and recommending
the shared product to the user if the use probability of the user for the shared product
reaches the predetermined threshold.

[0007] Optionally, before the recommending the shared product to the user, the
method further includes: determining whether the user satisfies a condition of use of
the shared product; and recommending the shared product to the user if the user
satisfies the condition of use of the shared product.

[0008] Optionally, the condition of use includes at least one of the following
conditions: a distance between the user and the shared product is less than a
predetermined threshold; the user matches a user group predetermined for the shared
product; a use environment of the user matches a use environment predetermined for
the shared product; or a proportion of a negative usage history in the usage history of
the user for the shared product is less than a predetermined threshold.

[0009] Optionally, the credit information of the user is a credit score obtained after
the user is evaluated based on a credit evaluation model.

[0010] The present specification further provides a shared product recommendation
apparatus, where the apparatus includes: an acquisition module, configured to obtain
credit information of a user; a calculation module, configured to input the credit
information to a recommendation model for calculation, where the recommendation
model is a machine learning model, and model features of the machine learning model
include the credit information of the user; and a recommendation module, configured
to recommend a shared product to the user based on a calculation result of the
recommendation model, where a usage history of the user for the shared product is
used to evaluate the credit information of the user.

[0011] Optionally, the model features further include basic information about the
shared product, and the basic information about the shared product includes a credit

admission condition of the shared product; and the calculation module is further
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configured to: inputting the basic information about the shared product to the
recommendation model for calculation.

[0012] Optionally, the model features further include condition of use information
of the shared product and user information used to determine whether the user
satisfies a condition of use of the shared product.

[0013] Optionally, the calculation result of the recommendation model is a use
probability of the user for the shared product; and the recommendation module is
configured to: determine whether the use probability of the user for the shared product
calculated by the recommendation model reaches a predetermined threshold, and
recommend the shared product to the user if the use probability of the user for the
shared product reaches the predetermined threshold.

[0014] Optionally, the recommendation module is further configured to: determine
whether the user satisfies a condition of use of the shared product before
recommending the shared product to the user; and recommend the shared product to
the user if the user satisfies the condition of use of the shared product.

[0015] Optionally, the condition of use includes at least one of the following
conditions: a distance between the user and the shared product is less than a
predetermined threshold; the user matches a user group predetermined for the shared
product; a use environment of the user matches a use environment predetermined for
the shared product; or a proportion of a negative usage history in the usage history of
the user for the shared product is less than a predetermined threshold.

[0016] Optionally, the credit information of the user is a credit score obtained after
the user is evaluated based on a credit evaluation model.

[0017] The present specification further provides an electronic device, including:
processor; and memory, configured to store a machine executable instruction, where
by reading and executing the machine executable instruction that is stored in the
memory and corresponds to control logic of shared product recommendation, the
processor is prompted to perform the following steps: obtaining credit information of
a user; inputting the credit information to a recommendation model for calculation,
where the recommendation model is a machine learning model, and model features of
the machine learning model include the credit information of the user; and
recommending a shared product to the user based on a calculation result of the
recommendation model, where a usage history of the user for the shared product is

used to evaluate the credit information of the user.
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[0018] In the technical solutions provided in the implementations of the present
specification, a usage history of a user for a shared product recommended by the
recommendation model can be used to evaluate credit information of the user, and the
credit information of the user is used as an input to the recommendation model.
Therefore, the usage history of the user for the shared product recommended by the
recommendation model indirectly affects a next shared product to be recommended
by the recommendation model to the user, and thereby a complete closed-loop service
can be formed from credit evaluation of the user to shared product recommendation to
the user. As such, the recommendation model can recommend a higher-quality shared

product service to a user with a better usage history, thereby forming a virtuous cycle.

BRIEF DESCRIPTION OF DRWAINGS

[0019] FIG. 1 is a flowchart illustrating a shared product recommendation method,
according to an implementation of the present specification;

[0020] FIG. 2 is a diagram illustrating a hardware structure in an electronic device
that includes a shared product recommendation apparatus, according to an
implementation of the present specification; and

[0021] FIG 3 is a logical block diagram illustrating a shared product
recommendation apparatus, according to an implementation of the present

specification.

DESCRIPTION OF IMPLEMENTATIONS

[0022] The present specification is intended to provide a shared product
recommendation mode in which a shared product is recommended to a user based on
credit information of the user, and credit of the user is evaluated again based on a
usage history of the user for the recommended shared product, to form a closed-loop
service from credit evaluation of the user to shared product recommendation to the
user.

[0023] In implementation, a shared product operator can prepare a large number of
sample users in advance, participate in machine learning model training by using
credit information of these sample users as one of modeling features in several

dimensions needed for modeling, to build a recommendation model used to
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recommend a shared product to a user.

[0024] To recommend a shared product to a user by using the recommendation
model, credit information of the user can be obtained, prediction samples can be built
based on the credit information of the user, the prediction samples are input to the
recommendation model for calculation, and then a shared product is recommended to
the user based on a calculation result.

[0025] For example, the calculation result of the recommendation model can be a
use probability of the user for the shared product. If a use probability of the user for a
certain shared product reaches a predetermined threshold, the shared product can be
recommended to the user.

[0026] After recommending the shared product to the user, the shared product
operator can further evaluate the credit information of the user again based on a usage
history of the user for the recommended shared product. Credit information obtained
after evaluation is performed again is used as an input to the recommendation model
when a next shared product is to be recommended to the user.

[0027] In the previous technical solutions, a usage history of a user for a shared
product recommended by the recommendation model can be used to evaluate credit
information of the user, and the credit information of the user is used as an input to the
recommendation model. Therefore, the usage history of the user for the shared
product recommended by the recommendation model indirectly affects a next shared
product to be recommended by the recommendation model to the user, and thereby a
complete closed-loop service can be formed from credit evaluation of the user to
shared product recommendation to the user. As such, the recommendation model can
recommend a higher-quality shared product service to a user with a better usage
history, thereby forming a virtuous cycle.

[0028] For example, for a user, a usage history for a recommended shared product
directly affects next recommendation of the recommendation model to the user, and
therefore if the user wants the recommendation model to continuously recommend a
high-quality shared product to the user, the user needs to maintain a good use habit. It
can be seen that in this method, a behavior habit of using a shared product by a user
can be indirectly restricted.

[0029] For the shared product operator, a shared product is recommended to a user
based on credit information of the user, so that shared products can be prioritized and

recommended to some users with high credit. As such, the probability that the shared
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products are damaged by some users with a bad use habit can be reduced, and
operation costs of launching the shared products by the operator can be improved. For
example, in this recommendation mode in which shared products are recommended to
some users with high credit based on credit information, the operator can no longer
need to launch massive shared products offline, but launch only shared products that
can satisfy the use demands of these users with high credit.

[0030] The following describes the present specification by using specific
implementations and with reference to specific application scenarios.

[0031] FIG. 1 illustrates a shared product recommendation method, according to an
implementation of the present specification. The method includes the following steps.
[0032] Step 102: Obtain credit information of a user.

[0033] Step 104: Input the credit information to a recommendation model for
calculation, where the recommendation model is a machine learning model, and
model features of the machine learning model include credit information of a user.
[0034] Step 106: Recommend a shared product to the user based on a calculation
result of the recommendation model, where a usage history of the user for the shared
product is used to evaluate the credit information of the user.

[0035] The shared product can include an offline product launched by an operator
for the user to find and rent. For example, in the sharing economy field, the shared
product can be an offline product such as a shared bicycle, a shared mobile power
bank, a shared umbrella, or shared clothing that has emerged.

[0036] The credit information can include any form of data that can represent a
credit limit of the user. For example, the credit information can be a credit score
obtained after credit evaluation is performed on the user based on a credit evaluation
model built through machine learning. Certainly, other than the credit score, the credit
information can be other forms of credit score that can indirectly represent the credit
limit of the user, for example, a risk score obtained after risk evaluation is performed
on the user by using a built risk assessment model. Implementations are not limited in
the present specification.

[0037] In the present specification, the shared product operator can participate in
machine learning model training by using the credit information of the user as a
modeling feature, recommend the shared product to the user based on the trained
recommendation model, then evaluate the credit information of the user again based

on the usage history of the user for the recommended shared product, and use credit
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information obtained after evaluation is performed again as an input to the
recommendation model for next recommendation to the user, to form a complete
closed-loop service from credit evaluation of the user to shared product
recommendation to the user.

[0038] In an initial state, the shared product operator can prepare a large number of
sample users, obtain credit information of these sample users, and then participate in
machine model training by using the obtained credit information as one of modeling
features in several dimensions needed for modeling, to build the recommendation
model used to recommend a shared product to a user.

[0039] In a shown implementation, the modeling features in several dimensions
needed for training the recommendation model can include basic information about
the shared product in addition to the credit information of the user.

[0040] The credit information of the user can be a credit score that can represent a
credit risk of the user and is obtained after credit evaluation is performed on the user
based on a predetermined credit evaluation model. The credit evaluation model can
also be a machine learning model trained based on modeling features in several
dimensions related to a credit risk of a user.

[0041] For example, in an implementation, the shared product operator can build
the modeling features in several dimensions related to the credit risk of the user (for
example, a usage history of the user for the shared product) based on a large amount
of user data collected in a system to train the credit evaluation model, and then
perform credit evaluation on the user by using the trained credit evaluation model to
obtain a credit score. The modeling features and the specific training process needed
for training the credit evaluation model are not described in detail in the present
specification. A person skilled in the art can refer to description in related
technologies when implementing the technical solutions described in the present
specification.

[0042] Alternatively, in another implementation, the shared product operator does
not train the credit evaluation model, but directly accesses a third-party credit
evaluation institution, and when needing to obtain a credit score of a user, the operator
can query the credit score of the user by interconnecting with the third-party credit
evaluation institution. For example, the credit score can be a "ZHIMA credit score"
obtained after ALIPAY performs credit evaluation on the user. In this case, the shared

product operator can directly interconnect with a system platform of ALIPAY, and can
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query the system platform of ALIPAY when needing to obtain the credit score of the
user.

[0043] The basic information about the shared product can include some basic
attribute information of the shared product to be recommended, for example, a
specification and a geographic location of the shared product, a user group that the
shared product is oriented to, etc.

[0044] In the present specification, the recommendation model recommends the
shared product to the user by using the credit information of the user as an input.
Therefore, the basic information about the shared product can further include credit
admission condition of the shared product.

[0045] The credit admission condition is used to evaluate whether the user satisfies
the credit admission conditions specified for the shared product. For example, the
credit information of the user is a credit score. In practice, the credit admission
conditions can be a credit score threshold, and the user is qualified to use the shared
product only when the credit score of the user reaches the credit score threshold.
[0046] In this case, the shared product operator can build training samples based on
credit scores of the sample users and the credit admission condition of the shared
product to be recommended to generate a training sample set, and then train a
predetermined machine learning model based on the built training sample set, to build
the recommendation model.

[0047] For example, the credit admission condition is a credit score threshold
value. In this case, the credit score of each sample user and the credit score threshold
value corresponding to the shared product to be recommended that are used as feature
fields can be combined to generate vectors, and then the generated vectors are used as
training samples to generate a target matrix as the training sample set.

[0048] The machine learning model can be a supervised machine learning model
(for example, a logistic regression model) or an unsupervised machine learning model
(for example, an unsupervised clustering model).

[0049] The supervised machine learning model is used as an example. In
implementation, each training sample can be labeled based on whether a sample user
is a potential user of the shared product. For example, a training sample of a potential
user of the shared product is used as a positive sample and is labeled with 1, and a
training sample of a non-potential user of the shared product is used as a negative

sample and is labeled with 0. Alternatively, all samples other than training samples of
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potential users of the shared product used as negative samples and are labeled with 0
by default. After all the training samples are labeled, the machine learning model can
be trained by using a supervised learning method, to build the recommendation
model.

[0050] The unsupervised machine learning model is used as another example. In
implementation, an unsupervised clustering operation can be directly performed on
the training sample set by using an unsupervised learning method until an algorithm
converges, and the training samples in the training sample set are clustered into
potential users and non-potential users of the shared product, to build the
recommendation model.

[0051] When training of the recommendation model is completed and the
recommendation model is used to recommend a shared product to the user, the credit
score of the user can be obtained, and then a prediction sample is built based on the
credit score of the user and the credit admission condition of the shared product to be
recommended.

[0052] For example, the credit admission condition is a credit score threshold. In
this case, the credit score of the user and the credit score threshold corresponding to
the shared product to be recommended that are used as feature fields can be combined
to generate a vector, and then the generated vector is used as a prediction sample.
[0053] After the prediction sample is built, the prediction sample can be input to
the trained recommendation model for calculation, to obtain a calculation result.
[0054] In a shown implementation, the calculation result can be a use probability of
the user for the shared product (for example, the probability that the user is a potential
user of the shared product).

[0055] For example, the recommendation model is a supervised machine learning
model, and the training samples are usually labeled as a potential user and a
non-potential user of the shared product. In this case, the calculation result finally
output by the recommendation model can be the probability that the user to be
recommended is a potential user of the shared product and the probability that the user
is a non-potential user of the shared product.

[0056] For another example, the recommendation model is an unsupervised
machine learning model, and the training samples are usually clustered into potential
users and non-potential users of the shared product. In this case, the calculation result

finally output by the recommendation model can be the probability that the user to be
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recommended belongs to the cluster of potential users of the shared product and the
probability that the user to be recommended belongs to the cluster of non-potential
users of the shared product.

[0057] In the present specification, the recommendation model can be included in a
recommendation system of the shared product operator. The recommendation system
can recommend the shared product to the user by invoking a result output by the
recommendation model.

[0058] In a shown implementation, a predetermined threshold value corresponding
to the use probability can be preconfigured in the recommendation system. After the
use probability of the user for the shared product is obtained by inputting the
prediction sample to the recommendation model for calculation, the recommendation
system can determine whether the use probability reaches the predetermined
threshold. If the use probability output by the model reaches the predetermined
threshold, it indicates that the user is a potential user of the shared product in the
prediction sample, and the shared product can be recommended to the user. For
example, the basic information about the shared product can be pushed to an end-user
device of the user by pushing a message. On the contrary, if the use probability output
by the model does not reach the predetermined threshold, it indicates that the user is
not a potential user of the shared product in the prediction sample, and the shared
product cannot be recommended to the user in this case.

[0059] In this method, the shared product can be recommended only to some users
with high credit who satisfy the credit admission condition of the shared product.
Therefore, the operator can find a potential user in a timely way by using the
recommendation model, and control users of the shared product. As such, the operator
no longer need to deploy massive shared products offline, and only need to launch a
proper quantity of shared products offline. Therefore, resource utilization of the
shared product can be increased, and operation costs can be reduced.

[0060] In the present specification, to ensure accuracy of the shared product
recommended by the model, condition of use information corresponding to the shared
product to be recommended can also be preconfigured in the recommendation system
that includes the recommendation model.

[0061] In this case, if determining that the use probability output by the model
reaches the predetermined threshold, the recommendation system can further

determine whether the user satisfies a condition of use of the shared product to be
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recommended before recommending the shared product to the user, and then
recommend the shared product to the user if the user satisfies the condition of use of
the shared product to be recommended.

[0062] The condition of use is not limited in the present specification. In practice,
the condition of use can be customized by the shared product operator based on an
actual service demand.

[0063] For example, in an implementation, the condition of use can include at least
one of the following conditions of use: a distance between the user and the shared
product is less than a predetermined distance threshold; the user matches a user group
predetermined for the shared product, for example, whether the user matches a
predetermined age group or a specific user group; a use environment of the user
matches a use environment predetermined for the shared product, for example,
whether a battery level of a mobile phone of the user matches a use battery level
threshold predetermined for a shared mobile power bank, or whether a use
environment of the user is a use environment (for example, rainy) predetermined for a
shared umbrella; or a proportion of a negative usage history in the usage history of the
user for shared product is less than a predetermined proportion threshold.

[0064] In the present specification, the conditions of use can be preconfigured in
the recommendation system that includes the recommendation model. In practice,
information related to these conditions of use can also be used as modeling features to
participate in model training. In other words, these conditions of use can also be used
as a reference when the recommendation model recommends a shared product to a
user.

[0065] In this case, in addition to the credit information of the user and the credit
admission conditions of the shared product, the modeling features in several
dimensions used in training the recommendation model can include the condition of
use of the shared product and user information used to determine whether the user
satisfies the condition of use of the shared product.

[0066] For example, the condition of use of the shared product can be included in
the basic information about the shared product as one piece of the basic information
about the shared product. The user information used to determine whether the user
satisfies the condition of use of the shared product can be introduced into the model as
user information of another dimension other than the credit information of the user.

[0067] Specific content of the condition of use information of the shared product
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and the user information used to determine whether the user satisfies the condition of
use of the shared product depends on the condition of use specified by the shared
product operator for the shared product.

[0068] For example, when the condition of use includes "the distance between the
user and the shared product is less than the predetermined threshold", the condition of
use information of the shared product can include geographic location information of
the shared product and the predetermined distance threshold, and the user information
can include geographic location information of the user.

[0069] When the condition of use includes "the user matches the user group
predetermined for the shared product"”, the condition of use information of the shared
product can include basic information (for example, an age group) of the user group
predetermined for the shared product, and the user information can include basic
information (for example, age information) about the user.

[0070] When the condition of use includes "the use environment of the user
matches the use environment predetermined for the shared product" and whether the
environment of the user is the use environment (for example, the rainy environment)
predetermined for the shared umbrella, the condition of use information of the shared
product can include a battery level threshold, and the user information can include an
actual battery level (which needs to be actively reported by the mobile phone of the
user) of the mobile phone of the user and a real-time weather condition in the
environment of the user.

[0071] When the condition of use includes "the proportion of the negative usage
history in the usage history of the user for the shared product is less than the
predetermined proportion threshold", the condition of use information of the shared
product can include the predetermined proportion threshold, and the user information
can include the usage history of the user for the shared product.

[0072] In the present specification, when the condition of use information above is
also used as modeling features to participate in model training, the shared product
operator can build training samples based on the credit score of each of the sample
users, the credit admission condition of the shared product to be recommended, the
condition of use information of the shared product, and the user information, to
generate a training sample set, and then train the predetermined machine learning
model to build the recommendation model.

[0073] After training of the recommendation model is completed, a prediction
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sample can be built based on the same method, and the built prediction sample can be
input to the recommendation model for calculation.

[0074] It is worthwhile to note that in this case, the recommendation model also
uses the conditions of use as reference factors when recommending the shared
product. Therefore, the recommendation model can select a user inside the model. In
this case, the calculation result finally output by the recommendation model can be
the use probability, for the shared product, of the user who satisfies the condition of
use of the shared product in the prediction sample.

[0075] For those selected users who do not satisfy the conditions of use, after
prediction samples are input to the model, the model can output an output result
indicating a use probability of O or a pre-defined output result that can indicate that
the shared product cannot be recommended to the users. For example, the model can
directly output "false" as the output result, to indicate that the model cannot
recommend the shared product to the users, and the recommendation fails.

[0076] In the present specification, after the recommendation system recommends
the shared product to the user based on the calculation result of the recommendation
model, the user can find and rent the shared product offline based on recommendation
information.

[0077] It is worthwhile to note that because the recommendation model
recommends a shared product to a user based on credit information of the user, users
to which the shared product is recommended are actually users with high credit who
satisfy the credit admission condition of the shared product. Therefore, the shared
product operator can provide differentiated services for those users to which the
shared product is recommended and users to which the shared product is not
recommended.

[0078] For example, during rental and use of the shared products recommended by
system, policies such as a deposit waiver and extension of rental time can be provided
to those users who are recommended to shared products, and those users who are not
recommended to shared products pay higher service costs to rent and use an offline
shared product deployed by the operator, for example, deposit is required or rental
time is shorter than those users to which the system actively recommends the shared
product.

[0079] In the present specification, after recommending a shared product to a user,

the shared product operator can further collect a usage history of the user for the
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recommended shared product in a back end, and perform credit evaluation on the user
again based on the collected usage history.

[0080] For example, the operator can use the usage history of the user as modeling
data to train the credit evaluation model, and perform credit evaluation on the user
again by using the trained credit evaluation model. Alternatively, the operator uses the
usage history of the user as modeling data, and provides the data for the third-party
credit evaluation institution, and the third-party credit evaluation institution performs
credit evaluation on the user again based on the data.

[0081] After credit evaluation is performed on the user again, an obtained credit
score is used as an input when the recommendation model is to recommend a next
shared product to the user, to form a complete closed-loop service from credit
evaluation of the user to shared product recommendation to the user.

[0082] For this type of user, if a negative usage history (for example, the shared
product is not returned in time or damaged) occurs for the current recommended
shared product, the next recommendation of the recommendation model is directly
affected. On the contrary, if there is no negative usage history for the current
recommended shared product, a credit improvement of the user is implemented
because of accumulation of a positive usage history. Therefore, when recommending a
next shared product to the user based on credit information of the user, the
recommendation model recommends a higher-quality shared product service to the
user.

[0083] It can be seen that in this shared product recommendation mode in which a
closed-loop service is formed from credit evaluation of a user to shared product
recommendation to the user, a use habit of the user for a shared product can be
restricted, and the recommendation model can be enabled to provide a higher-quality
shared product service for a user with a better usage history, thereby forming a
virtuous cycle.

[0084] Corresponding to the previously described method implementation, the
present specification further provides an implementation of a shared product
recommendation apparatus. The implementation of the shared product
recommendation apparatus in the present specification can be applied to an electronic
device. The apparatus implementation can be implemented by software, or can be
implemented by hardware or a combination of software and hardware. Software

implementation is used as an example. As a logical apparatus, the apparatus is formed
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by reading a corresponding computer program instruction from a nonvolatile memory
by a processor of the electronic device in which the apparatus is located and running
the instruction in a memory. In terms of hardware, FIG. 2 is a diagram illustrating a
hardware structure of the electronic device in which the shared product
recommendation apparatus is located. In addition to a processor, a memory, a network
interface, and a nonvolatile memory shown in FIG. 2, the electronic device in which
the apparatus is located in the present implementation usually can include other
hardware based on an actual function of the electronic device. Details are omitted here
for simplicity.

[0085] FIG 3 is a block diagram illustrating a shared product recommendation
apparatus, according to an example implementation of the present specification.
[0086] Referring to FIG. 3, the shared product recommendation apparatus 30 can be
applied to the electronic device shown in FIG. 2. The apparatus 30 includes an
acquisition module 301, a calculation module 302, and a recommendation module
303.

[0087] The acquisition module 301 is configured to obtain credit information of a
user.

[0088] The calculation module 302 is configured to input the credit information to
a recommendation model for calculation, where the recommendation model is a
machine learning model, and model features of the machine learning model include
the credit information of the user.

[0089] The recommendation module 303 is configured to recommend a shared
product to the user based on a calculation result of the recommendation model, where
a usage history of the user for the shared product is used to evaluate the credit
information of the user.

[0090] In the present implementation, the model features further include basic
information about the shared product, and the basic information about the shared
product includes a credit admission condition of the shared product; and the
calculation module 302 is further configured to: input the basic information about the
shared product to the recommendation model for calculation.

[0091] In the present implementation, the model features further include condition
of use information of the shared product and user information used to determine
whether the user satisfies a condition of use of the shared product.

[0092] In the present implementation, the calculation result of the recommendation
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model is a use probability of the user for the shared product; and the recommendation
module 303 is configured to: determine whether the use probability of the user for the
shared product calculated by the recommendation model reaches a predetermined
threshold; and recommend the shared product to the user if the use probability of the
user for the shared product reaches the predetermined threshold.

[0093] In the present implementation, the recommendation module 303 is further
configured to: determine whether the user satisfies a condition of use of the shared
product before recommending the shared product to the user; and recommend the
shared product to the user if the user satisfies the condition of use of the shared
product.

[0094] In the present implementation, the condition of use includes at least one of
the following conditions: a distance between the user and the shared product is less
than a predetermined threshold; the user matches a user group predetermined for the
shared product; a use environment of the user matches a use environment
predetermined for the shared product; or a proportion of a negative usage history in
the usage history of the user for the shared product is less than a predetermined
threshold.

[0095] In the present implementation, the credit information of the user is a credit
score obtained after the user is evaluated based on a credit evaluation model.

[0096] For an implementation process of functions of the modules in the apparatus,
references can be made to the implementation process of the corresponding steps in
the method. Details are omitted here for simplicity.

[0097] The apparatus implementation basically corresponds to the method
implementation. Therefore, for related parts, references can be made to partial
description in the method implementation. The described apparatus implementation is
merely an example. The units described as separate parts may or may not be
physically separate, and parts displayed as units may or may not be physical units,
may be located in one place, or may be distributed on a plurality of network units.
Some or all of these modules can be selected based on actual demands to achieve the
objectives of the technical solutions of the present specification. A person of ordinary
skill in the art can understand and implement the technical solutions of the present
specification without creative efforts.

[0098] The system, apparatus, module, or unit illustrated in the previously

described implementations can be implemented by a computer chip or an entity, or
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can be implemented by a product having a certain function. A typical implementation
device is a computer. Specific forms of the computer can be a personal computer, a
laptop computer, a cellular phone, a camera phone, a smartphone, a personal digital
assistant, a media player, a navigation device, an email transceiver, a game console, a
tablet computer, a wearable device, or any combination of several of these devices.
[0099] Corresponding to the previously described method implementation, the
present specification further provides an implementation of an electronic device. The
electronic device includes a processor and a memory, configured to store a machine
executable instruction. The processor and the memory are usually connected to each
other by using an internal bus. In another possible implementation, the device can
further include an external interface, to communicate with another device or
component.

[0100] In the present implementation, by reading and executing the machine
executable instruction that is stored in the memory and corresponds to control logic of
shared product recommendation, the processor is prompted to perform the following
steps: obtaining credit information of a user; inputting the credit information to a
recommendation model for calculation, where the recommendation model is a
machine learning model, and model features of the machine learning model include
the credit information of the user; and recommending a shared product to the user
based on a calculation result of the recommendation model, where a usage history of
the user for the shared product is used to evaluate the credit information of the user.
[0101] In the present implementation, the model features further include basic
information about the shared product, and the basic information about the shared
product includes a credit admission condition of the shared product; and by reading
and executing the machine executable instruction that is stored in the memory and
corresponds to the control logic of the shared product recommendation, the processor
is further prompted to perform the following steps: inputting the basic information
about the shared product to the recommendation model for calculation.

[0102] In the present implementation, the calculation result of the recommendation
model is a use probability of the user for the shared product; and by reading and
executing the machine executable instruction that is stored in the memory and
corresponds to the control logic of the shared product recommendation, the processor
is further prompted to perform the following steps: determining whether the use

probability of the user for the shared product calculated by the recommendation
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model reaches a predetermined threshold, and recommend the shared product to the
user if the use probability of the user for the shared product reaches the predetermined
threshold.

[0103] In the present implementation, by reading and executing the machine
executable instruction that is stored in the memory and corresponds to the control
logic of the shared product recommendation, the processor is further prompted to
perform the following steps: determining whether the user satisfies a condition of use
of the shared product before recommending the shared product to the user, and
recommending the shared product to the user if the user satisfies the condition of use
of the shared product.

[0104] The specific implementations of the present specification are described
above. Other implementations are within the scope of the appended claims. In some
cases, the actions or steps described in the claims can be performed in a sequence
different from that in the implementations, and the desired results can still be
achieved. In addition, the process described in the accompanying drawings does not
necessarily require a particular sequence or sequential sequence shown to achieve the
desired results. In some implementations, multi-task processing and parallel
processing are also possible or can be advantageous.

[0105] The implementations of the present specification are described in a
progressive way. For same or similar parts in the implementations, references can be
made to these implementations, and each implementation focuses on a difference
from other implementations. In particular, implementations of the apparatus, the
system, the electronic device, and the nonvolatile computer storage medium are
basically similar to the method implementation, and therefore are described briefly.
For related parts, references can be made to partial description in the method
implementation.

[0106] It can be seen from the previous description of the implementations that a
person skilled in the art can clearly understand that the implementations of the present
specification can be implemented by software in addition to a necessary universal
hardware platform. Based on such an understanding, the technical solutions of the
implementations of the present specification, essentially or the part contributing to the
existing technology, can be embodied in a form of a software product. The software
program product can be stored in a storage medium such as a ROM/RAM, a hard

disk, or a compact disc, and includes several instructions for instructing a computer
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device (which can be a personal computer, a server, or a network device) to execute
the methods described in the implementations or some of the implementations of the
present specification.

[0107] The system, apparatus, module, or unit illustrated in the previously
described implementations can be implemented by a computer chip or an entity, or
can be implemented by a product having a certain function. A typical implementation
device is a computer. Specific forms of the computer can be a personal computer, a
laptop computer, a cellular phone, a camera phone, a smartphone, a personal digital
assistant, a media player, a navigation device, an email transceiver, a game console, a
tablet computer, a wearable device, or any combination of several of these devices.
[0108] The implementations of the present specification are described in a
progressive way. For same or similar parts in the implementations, references can be
made to these implementations, and each implementation focuses on a difference
from other implementations. In particular, the apparatus implementation is basically
similar to the method implementation, and therefore is described briefly. For related
parts, references can be made to partial description in the method implementation.
The described apparatus implementation is merely an example. The modules
described as separate parts may or may not be physically separate. The functions of
the modules can be implemented in same or different software or hardware when
implementing the solutions of the implementations of the present specification. Some
or all of the modules can be selected based on actual demands to achieve the
objectives of the implementations. A person of ordinary skill in the art can understand
and implement the technical solutions of the present specification without creative
efforts.

[0109] The previous descriptions are merely specific implementations of the
implementations of the present specification. It is worthwhile to note that a person of
ordinary skill in the art can make some improvements and modifications without
departing from the principle of the implementations of the present specification.
These improvements and modifications shall also fall within the protection scope of

the implementations of the present specification.
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CLAIMS

What is claimed is:
1. A shared product recommendation method, wherein the method comprises:
obtaining credit information of a user;
inputting the credit information to a recommendation model for calculation,
wherein the recommendation model is a machine learning model, and model features
of the machine learning model comprise the credit information of the user; and
recommending a shared product to the user based on a calculation result of the
recommendation model, wherein a usage history of the user for the shared product is

used to evaluate the credit information of the user.

2. The method according to claim 1, wherein the model features further comprise
basic information about the shared product, wherein the basic information about the
shared product comprises a credit admission condition of the shared product, and
wherein the method further comprises:

inputting the basic information about the shared product to the recommendation

model for calculation.

3. The method according to claim 2, wherein the model features further comprise
information about a condition of use of the shared product, and wherein the model
features further comprise user information used to determine whether the user satisfies

the condition of use of the shared product.

4. The method according to claim 2, wherein the calculation result of the
recommendation model is a use probability of the user for the shared product, and
wherein the recommending a shared product to the user based on a calculation result
of the recommendation model comprises:

determining whether the use probability of the user for the shared product
calculated by the recommendation model reaches a predetermined threshold; and
recommending the shared product to the user if the use probability of the

user for the shared product reaches the predetermined threshold.
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5. The method according to claim 4, wherein before recommending the shared
product to the user, the method further comprises:

determining whether the user satisfies a condition of use of the shared product;
and

recommending the shared product to the user if the user satisfies the condition of

use of the shared product.

6. The method according to claim 3 or 5, wherein the condition of use comprises
at least one of the following conditions:

a distance between the user and the shared product is less than a predetermined
threshold;

the user matches a user group predetermined for the shared product;

a use environment of the user matches a use environment predetermined for the
shared product; or

a proportion of a negative usage history in the usage history of the user for the

shared product is less than a predetermined threshold.

7. The method according to claim 1, wherein the credit information of the user is

a credit score obtained after the user is evaluated based on a credit evaluation model.

8. A shared product recommendation apparatus, wherein the apparatus
comprises:

an acquisition module, configured to obtain credit information of a user;

a calculation module, configured to input the credit information to a
recommendation model for calculation, wherein the recommendation model is a
machine learning model, and model features of the machine learning model comprise
the credit information of the user; and

a recommendation module, configured to recommend a shared product to the
user based on a calculation result of the recommendation model, wherein a usage
history of the user for the shared product is used to evaluate the credit information of

the user.

9. The apparatus according to claim 8, wherein the model features further

comprise basic information about the shared product, and the basic information about
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the shared product comprises a credit admission condition of the shared product; and
the calculation module is further configured to:
input the basic information about the shared product to the recommendation

model for calculation.

10. The apparatus according to claim 9, wherein the model features further
comprise condition of use information of the shared product and user information

used to determine whether the user satisfies a condition of use of the shared product.

11. The apparatus according to claim 9, wherein the calculation result of the
recommendation model is a use probability of the user for the shared product; and

the recommendation module is configured to:

determine whether the use probability of the user for the shared product
calculated by the recommendation model reaches a predetermined threshold, and
recommend the shared product to the user if the use probability of the user for the

shared product reaches the predetermined threshold.

12. The apparatus according to claim 9, wherein the recommendation module is
further configured to:

determine whether the user satisfies a condition of use of the shared product
before recommending the shared product to the user; and

recommend the shared product to the user if the user satisfies the condition of

use of the shared product.

13. The apparatus according to claim 10 or 12, wherein the condition of use
comprises at least one of the following conditions:

a distance between the user and the shared product is less than a predetermined
threshold;

the user matches a user group predetermined for the shared product;

a use environment of the user matches a use environment predetermined for the
shared product; and

a proportion of a negative usage history in the usage history of the user for the

shared product is less than a predetermined threshold.
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14. The apparatus according to claim 8, wherein the credit information of the

user is a credit score obtained after the user is evaluated based on a credit evaluation

model.

15. An electronic device comprising:

a processor; and

a memory, configured to store a machine executable instruction, wherein

by reading and executing the machine executable instruction that is stored in the
memory and corresponds to control logic of shared product recommendation, the
processor is prompted to perform the following steps:

obtaining credit information of a user;

inputting the credit information to a recommendation model for calculation,
wherein the recommendation model is a machine learning model, and model features
of the machine learning model comprise the credit information of the user; and

recommending a shared product to the user based on a calculation result of the
recommendation model, wherein a usage history of the user for the shared product is

used to evaluate the credit information of the user.



