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Divide a relationship class set into K groups, and correspondingly set K
classifiers

l =

Sample a full set of image samples for the K classifiers to obtain K sample
subsets respectively

l o

Input a sample image in each sample subset of the K subsets to a corresponding
classifier by using an encoder network to obtain a relationship class prediction
result between objects in the sample image

' T

Determine a first loss based on classification losses of the K classifiers

)’_45

Determine a second loss based on a similarity between relationship class
prediction results of different classifiers in the K classifiers for a same pair of
objects

' ra

Determine a total prediction loss based on the first loss and the second loss, and
update the encoder network and the K classifiers based on the total prediction
loss

FIG. 4



109355
Group 1

Group 2

Ill-
=

31347

3/4

Group 3

Group 4

Group 5

[
| | I
1]
[
1]
= IIIIIIIIlllllllll
- 6712 Ik
1]
| N
[ 1
: | 1413 333 1
L ] i T
{2) Firstencoder x
e First encoded 3
[v.s] feature
X X
>
v E Image feature Emb(l)
% shirt hat
5 Frame information .
I g Corrected object class Pref{lcted
v object
Detection l ﬁ Initial object class <
(]) sub-network (4)  second encoder (5) CIa55|f|cat|on network —
: v x5, %] o
!" hat (man j—»{_ Im{ )
ma v Image [v.x] =
xﬁ‘mr feature ' X . % 2
s ) = & s
% % i ﬁ FE [ Fully connected layer (ghirt ) (lorse)
SA | Self-attention module Second S
Visual mode Textmode | | ¢ | cross-attention module encoded feature Scene graph




4/4

X0 - xU+1)

M

SA

L7

CA

CA

4

SA

L/

YD - yU+1)

FIG. 7

{800
8l J 84
Grouping and setting N First loss
unit determining unit
82 B 85
Sampling unit Second loss
determining unit
S8 86
Predicting unit Updating unit
I

FIG. 8




