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Acquire a location dataset
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Acquire a feature information sequence of a location

object in the location dataset
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Train based on the feature information sequence to
obtain the location encoding model
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—— S140
Acquire a location map-matching pair dataset
— S150
Perform supervised training on a pre-trained location
encoding model based on the location map-matching
pair dataset to obtain the location encoding model
FIG. 4
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Acquire a path sequence dataset
— $220

Perform pre-training based on the path sequence dataset
by using a masked training method to obtain the road
segment encoding model
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Acquire a location-path pair dataset

Perform corresponding feature encoding on the location-path pair dataset based
on a pre-trained location encoding model and a pre-trained road segment
encoding model, respectively, to obtain location feature information and path
feature information of a plurality of location-path pairs

§320

— §330

Perform multimodal training based on the location feature information and the
path feature information of the plurality of location-path pairs to obtain a
geospatial transportation data processing model
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Acquire a specific-task dataset corresponding to each of at least one specific task

— S340

Perform supervised training on parameters of the geospatial transportation data
processing model based on the at least one specific-task dataset to obtain a final

geospatial transportation data processing model
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Acquire target task information

— $410

Input the target task information into a pre-trained geospatial transportation data

processing architecture for processing to obtain a corresponding task result

FIG. 11
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