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FIG. 1

Obtain, by decoding a first bitstream of a current image block, a coefficient
hyperparameter feature of each of stage sub-blocks in the current image block

201

!

For each of the stage sub-blocks, determine a probability distribution parameter
based on the coefficient hyperparameter feature of the stage sub-block, and obtain,
by decoding a second bitstream of the current image block based on the probability

distribution parameter, a residual feature of the stage sub-block

202

!

Determine a reconstructed feature of the stage sub-block based on the residual
feature of the stage sub-block and a mean feature of the stage sub-block

203

'

Determine a reconstructed image block corresponding to the current image block
based on respective reconstructed features of the stage sub-blocks

204
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Obtain, by inputting a current image block into an analysis transform network, a | —~
feature block corresponding to the current image block 301
Split the feature block into to-be-coded features of a plurality of stage sub-blocks 2
302
For each of the stage sub-blocks corresponding to the current image block, obtain a
coefficient hyperparameter feature of the stage sub-block, and code the coefficient [—~
hyperparameter feature of the stage sub-block into a first bitstream of the current 303
image block
Determine a residual feature of the stage sub-block based on the to-be-coded feature |,—~
of the stage sub-block and a mean feature of the stage sub-block 304
Determine a probability distribution parameter based on the coefficient
hyperparameter feature of the stage sub-block, and code the residual feature of the |—~
stage sub-block into a second bitstream of the current image block based on the 305
probability distribution parameter
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