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	QR0R=interior CO2 concentration×p1+interior NO2 concentration×pR2R+interior SO2 concentration×pR3R+interior PM2.5 concentration×pR4R+interior VOC concentration×pR5R+interior dust concentration×pR6R;
	QR1R=exterior CO2 concentration×pR1R+exterior NO2 concentration×pR2R+exterior SO2 concentration×pR3R+exterior PM2.5 concentration×pR4R+exterior VOC concentration×pR5R+exterior dust concentration×pR6R;
	wherein, PR1R, PR2R, PR3R, PR4R, PR5R, and PR6R are corresponding weights of pollutants.

