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Obtain a character included in a target text sequentially, and decode the
character according to a first-layer LSTM structure inputted into a LSTM
model sequentially to obtain a sequence composed of hidden states

v 5102

Input the sequence composed of hidden states into the second-layer
LSTM structure of the LSTM model for decoding to obtain a word
sequence of a summary

v i S103

Input the word sequence of the summary into the first-layer LSTM
structure of the LSTM model to obtain an updated sequence composed of
hidden states

v P S104

Obtain a context vector corresponding to the contribution value of a
hidden state of a decoder according to the contribution value of the
decoder of the hidden state in an updated sequence composed of hidden
states

v g 5105

Obtain a probability distribution of a word of an updated sequence
composed of hidden states according to the updated sequence composed
of hidden states and the context vector, and output the most probable
word in the probability distribution of the word as a summary of the target
text
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Put a plurality of historical texts of a corpus into the first-layer LSTM
structure, and put a text summary corresponding to the historical text into
the second-layer LSTM structure for training to obtain a LSTM model

S101
f/

Obtain a character included in a target text sequentially, and decode the
character according to a first-layer LSTM structure inputted into a LSTM
model sequentially to obtain a sequence composed of hidden states

5102

h 4 ’

Input the sequence composed of hidden states into the second-layer
LSTM structure of the LSTM model for decoding to obtain a word
sequence of a summary

v p— S103

Input the word sequence of the summary into the first-layer LSTM
structure of the LSTM model to obtain an updated sequence composed of
hidden states

v P $104

Obtain a context vector corresponding to the contribution value of a
hidden state of a decoder according to the contribution value of the
decoder of the hidden state in an updated sequence composed of hidden
states

\ p S105

Obtain a probability distribution of a word of an updated sequence
composed of hidden states according to the updated sequence composed
of hidden states and the context vector, and output the most probable
word in the probability distribution of the word as a summary of the target
text
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Obtain the most probable word in the sequence composed of hidden states, and
use the most probable word in the sequence composed of hidden states as an
initial word in the word sequence of the summary

I 51022

Input each word in the initial word into the second-layer LSTM structure, and

combine each word in the initial word with each word in the vocabulary of the

second-layer LSTM structure to form a combined sequence, and use the most

probable word in the combined sequence as the sequence composed of hidden
states

51023
A [

Repeat executing the steps of inputting each word in the sequence composed of
hidden states into the second-layer LSTM structure and combining each word
in the sequence composed of hidden states with each word in the vocabulary of
the second-layer LSTM structure to form a combined sequence, and using the
most probable word in the combined sequence as the sequence composed of
hidden states, until each word in the sequence composed of hidden states and an
end character in the vocabulary are detected, and then use the sequence
composed of hidden states as the word sequence of the summary
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