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Perform upsampling on the predicted depth map having a first preset
dimension to obtain a predicted depth map having a second preset dimension
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Obtain a longitudinal variation law of corresponding depth information
according to the predicted depth map having the second preset dimension
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Perform residual estimation on the predicted depth map having the second
preset dimension according to the longitudinal variation law of the
corresponding depth information to obtain a corresponding residual map

'

Perform optimization on the predicted depth map having the second preset
dimension according to the corresponding residual map to obtain an
optimized target depth map having the second preset dimension
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