acquiring afirst depth image and afirs color image of atarget object
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\ 4

predicting first predicted values and second predicted values of respective candidate actions of the
robotic arm based on the first depth image and the first color image, wherein the first predicted

value represents a probability of the robotic arm separating thetarget object from an adjacent object |

by executing the corresponding candidate action; and the second predicted value represents a
probability of the robotic arm successfully grabbing the target object by executing the
corresponding candidate action
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determining atarget action based on the first predicted va ues and the second predicted values of the
candidate actions
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controlling the robotic arm to execute the target action
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FIG. 1

obtaining aplurality of input depth images by rotating the firs depth image by a
plurality of preset angles respectively along a preset rotation direction
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obtaining aplurality of input color images by rotating the first color image by the
plurality of preset angles respectively along the preset rotation direction

202

v
predicting the first predicted values of the candidate actions by inputting the plurality
of input depth images and the plurality of input color imagesinto afirst prediction
network
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v
predicting the second predicted val ues of the candidate actions by inputting the
plurality of input depth images and the plurality of input color images into a second
prediction network

204

FIG. 2
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FIG. 3

correcting thefirst predicted val ues of the candidate actions based on a contour of the 401

target object indicated by the first depth image

\ 4

correcting the second predicted val ues of the candidate actions based on acentral |/~ 402
position of the target object indicated by the first depth image
v
selecting the target action from the candidate actions based on the corrected first |/~ 403

predicted values and the corrected second predicted values

FIG. 4
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acquiring asecond depth image of the target object after executing the target action |

v

determining afirst reward val ue of the target action by using a classification network
based on the second depth image and the first depth image, wherein thefirst reward
value is configured to indicate an effective degree of the robotic arm separating the
target object from the adjacent object by executing the target action

v

determining a second reward va ue of the target action based on whether the robotic
arm successfully grabs the target object

\ 4

training the firg prediction network based on thefirst reward value, and traning the
second prediction network based on the second reward value
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apparatus for controlling robotic arm
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