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Obtain a training dataset, where the training dataset includes
training samples corresponding to a plurality of tasks

v

Perform a plurality of times of iterative training on a deep
learning recommendation model based on the training dataset in
parallel by using N processing nodes in a cluster, to obtain a
parameter of the deep learning recommendation model, where in
each time of iterative training, each of the N processing nodes
learns some parameters of the deep learning recommendation
model by using some training samples in the training dataset,
and the some training samples correspond to a same task in the
plurality of tasks
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Start P200

parameter of the i subset and a dense layer parameter in i
processing node
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Divide embedding layer parameters to obtain N subsets, and store a

Y Y

Determine a targetdata | ——

batch, and divide the to obtain a current embedding

layer parameter corresponding

target data batch into a to a support set, and obtain a
support set and a current embedding layer
query set parameter corresponding to a
query set

v

Determine a first embedding layer parameter, determine an inner- | ~—

loop loss function based on the support set, the first embedding
layer parameter, and a current dense layer parameter, and update
the first embedding layer parameter and the current dense layer
parameter by optimizing the inner-loop loss function, wherein the
current dense layer parameter is updated to an intermediate dense
layer parameter, and a current embedding layer parameter is
updated to the third embedding layer parameter
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Determine a second embedding layer parameter

Y

Determine an outer-loop loss function based on the query set, the

second embedding layer parameter, and the intermediate dense
layer parameter, and update the second embedding layer parameter
and the intermediate dense layer parameter by optimizing the outer-
loop loss function

Whether Yes

$220 Interact with another S230
processing node in a cluster, | ——

S240

S250

S260

there is a need to continue iterative
training

FIG. 8



