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"batch_size": {"_type':"choice", " value": [8, 16]},
"learning_rate”: { " type i " wvalue": [B.86085 5, 0.8001, 6.008 , 0.08815]},
"conv@ Filter": {"_type': " value': [2, 4, 6
"block1_filter" 0i " I -
“block1_repeat” . - “: [113,
“block2_filter i " _value": [4, 6, 8
“block2_repeat ' m ice”, " value“: [1, 2]},
"block3_filter': choice *_value': [6, 8, 10, 12
"block3 repeat” >hoi " _value" 2, 3, 4, 5, 6, 7, 8]},
“blockh_filter" choi *_value™ 12, 16, 20]},
“blockh_repeat” ' *:"choice", "_valuwe": [1, 2, 3, 4, 5, 6, 7, 8]},
| ' [12, 16, 28, 24]},
"block5_repeat C _ [1, 2, 3, 4]},
"yolol_filter": {"_| : . [12, 16, 28, 24]},
"yolo2_filter": i ice il [108, 14, 18, 22]},
"yolo3 filter": . ice", " [8, 12, 16, 28]}
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