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FIG. 2 
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FIG. 2a 
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E I P(0=T/E,I) P(0=F/E,I) 

0 0 0.18 0.82 

1 0 0.16 0.84 

2 0 0.12 0.88 

0 1 0.17 0.83 

1 1 0.15 0.85 

2 1 0.11 0.89 

0 2 0.15 0.85 

1 2 0.1 0.9 

 

 

FIG. 2c 

 

 

 

 

 

 
 

 

FIG. 3 

 

 

  

Receive and parse a question input by a user by means of a client, so as to recognize 

in the question a target parameter representing user intent and an attribute parameter 

associated with the target parameter 

Input the target parameter and the attribute parameter into a pre-trained Bayesian 

network model, and use a directed acyclic graph and a conditional probability table 

set of the Bayesian network model to infer a value of the target parameter 

Return the value of the target parameter inferred by the Bayesian network model to 

the user 
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FIG. 4 

 

Extract an attribute associated with a default customer from each piece of history 

default data of history service data, and calculate conditional manual information 

between all the attributes 

Sort the conditional mutual information of the attributes in a descending order, select 

attribute pairs with high conditional mutual information values to serve as nodes, 

construct a maximum weight span tree under the principle of no loop generation until n 

nodes are obtained, and select (n-1) edges to form an undirected acyclic graph 

Determine a root node of each node in the undirected acyclic graph, and convert 

the undirected acyclic graph into the directed acyclic graph with a direction from 

the root nodes to child nodes as a direction between the nodes 

Calculate a conditional probability of a random variable represented by each node 

in the directed acyclic graph according to the history service data to obtain the 

conditional probability table set of the Bayesian network model 


