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 THE BRIEF DESCRIPTION OF THE SEVERAL VIEWS OF THE DRAWINGS 

[0011] The present disclosed subject matter will be understood and appreciated more 

fully from the following detailed description taken in conjunction with the drawings in 

which corresponding or like numerals or characters indicate corresponding or like 

components. Unless indicated otherwise, the drawings provide exemplary embodiments 5 

or aspects of the disclosure and do not limit the scope of the disclosure. In the drawings: 

[0012] Figure 1 shows a flowchart diagram of a method, in accordance with some 

exemplary embodiments of the disclosed subject matter; 

[0013] Figures 2A-2D show schematic illustrations of exemplary disagreement 

measurements, in accordance with some exemplary embodiments of the disclosed subject 10 

matter;  

[0014] Figure 3 shows a flowchart diagram of a method, in accordance with some 

exemplary embodiments of the disclosed subject matter; 

[0015] Figures 4A and 4B show a schematic illustration of an exemplary architecture, 

in accordance with some exemplary embodiments of the disclosed subject matter;  15 

[0016] Figure 5 shows a schematic illustration of an exemplary data selection over 

datasets, in accordance with some exemplary embodiments of the disclosed subject 

matter; and 

[0017] Figures 6A and 6B shows schematic illustrations of exemplary training data 

selection patterns, in accordance with some exemplary embodiments of the disclosed 20 

subject matter. 

DETAILED DESCRIPTION 

[0018] One technical problem dealt with by the disclosed subject matter is to provide 

an autonomous, self-learning image classification tool that can be deployed on a customer 

site and detached from a developer thereof. In some exemplary embodiments, the self-25 

learning  
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CLAIMS 

1. A method comprising: 

obtaining a set of classification models, each of which is configured to 

predict a label for an image, wherein the predicted label indicates a class of the 

image, wherein each classification model of the set of classification models is 

configured to predict a label from a same set of labels; 

applying the set of classification models on a calibration dataset of images 

thereby providing for each image of the calibration dataset of images an array 

of predicted labels and providing a set of arrays of predicted labels for the 

calibration dataset;  

calculating a disagreement measurement of the set of classification models 

on the calibration dataset, wherein the disagreement measurement is calculated 

based on the set of arrays of predicted labels for the calibration dataset, wherein 

the disagreement measurement is affected by differences between predictions of 

classification models of the set of classification models;  

applying the set of classification models on a production dataset of images 

thereby providing a set of arrays of predicted labels for the production dataset;  

calculating a production disagreement measurement of the set of 

classification models on the production dataset;  

determining a similarity measurement between the production 

disagreement measurement and the disagreement measurement; and 

in response to the similarity measurement being below a predetermined 

threshold, indicating a data drift in the production dataset.  

2. The method of claim 1, further comprising applying a predictor on the production 

dataset, wherein the predictor is configured to predict, for an image, a label from 

the same set of labels. 

3. The method of claim 2, wherein the set of classification models excludes the 

predictor. 

4. The method of claim 2, wherein the set of classification models comprises the 

predictor. 
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5. The method of claim 2, further comprising in response to said indicating the drift 

in the production dataset, retraining the predictor based on at least a portion of the 

production dataset. 

6. The method of claim 5, further comprising re-computing the disagreement 

measurement based on the at least a portion of the production dataset.  

7. The method of claim 1, wherein the disagreement measurement is computed based 

on a portion of images for which a tuple of classification models of the set of 

classification models provides different labels.  

8. The method of claim 1, wherein the disagreement measurement is computed based 

on a portion of images for which a tuple of classification models of the set of 

classification models provides a same label.  

9. The method of claim 1, wherein the set of classification models comprises n

classification models denoted as cls1, …, clsn, wherein the disagreement 

measurement is computed based on a portion of images for which the set of 

classification models provides an array of predicted labels having a value of (l1,..., 

ln), where li is a label from the same set of labels, that is predicted by clsi, wherein 

the value of (l1,..., ln) is a heterogeneous value.  

10. A computer program product comprising a non-transitory computer readable 

storage medium retaining program instructions, the computer program product 

configured to carry out the method of claim 1. 

11. A computerized apparatus having a processor, the processor being adapted to 

perform the steps of: 

obtaining a set of classification models, each of which is configured to 

predict a label for an image, wherein the predicted label indicates a class of the 

image, wherein each classification model of the set of classification models is 

configured to predict a label from a same set of labels; 

applying the set of classification models on a calibration dataset of images 

thereby providing for each image of the calibration dataset of images an array 

of predicted labels and providing a set of arrays of predicted labels for the 

calibration dataset;  
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calculating a disagreement measurement of the set of classification models 

on the calibration dataset, wherein the disagreement measurement is calculated 

based on the set of arrays of predicted labels for the calibration dataset, wherein 

the disagreement measurement is affected by differences between predictions of 

classification models of the set of classification models;  

applying the set of classification models on a production dataset of images 

thereby providing a set of arrays of predicted labels for the production dataset;  

calculating a production disagreement measurement of the set of 

classification models on the production dataset;  

determining a similarity measurement between the production 

disagreement measurement and the disagreement measurement; and 

in response to the similarity measurement being below a predetermined 

threshold, indicating a data drift in the production dataset.  


