Acquiring a click through rate of recommended information by predicting a
feature vector of recommended information by a recommendation model

Issuing the recommended information based on the click through rate
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Sequentially updating model parameters corresponding to features with
frequencies greater than a first threshold in a machine learning model based on a
click through rate of a history feature vector of history recommended information| >~ 5210

in a preset machine learning model

A

Acquiring remaining model parameters by removing model parameters
corresponding to features with frequencies less than or equal to the first threshold
upon completion of the training of the machine learning model, and generating
the recommendation model based on the remaining model parameters
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Publishing the recommendation model online ™~ S230
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System for pushing information
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Sequentially updating model parameters corresponding to features with frequencies

greater than a first threshold in a machine learning model based on a click through rate of /\/
a history feature vector of history recommended information in a preset machine leaming S310
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Y Y
Acquiring remaining model parameters Upon completion of the training of the
qb re?novin mg del ara%weters machine learning model within a current
c)(/Jrres on dign o fezftures with time period, updating the frequencies of
P g : the different features in the machine
frequencies less than or equal to the_fl_rst S320 learning model by a preset frequency
threshold upon completion of the training /| attenuation coefficient, filtering the
of the machine learning model, filtering, model parameters corr’esponding 0
ml)n dgll(?sggseerzgactrfgseamrﬁgmgs I?ﬁ::;;n?he features with frequencies less than or
model parameters corres o¥ din t,o equal to a third threshold fromthe  ~_  S330
par resp 9 remaining model parameters upon the
features with frequencies less than or removal of the model parameters
equal to a second threshold from the corresponding to featFLJJres with
remaining model parameters, and frequencies less than or equal to the first
generating the recommendation model threshold, and generating the
based on thq remaining mo_del . recommendation model based on the
parameters acquired upon the filtering, filtered remaining model parameters
wherein the second threshold is greater acquired unon the filterina within a
than the first threshold g cu?rent time periogd
Y A 4
Publishing the recommendation model online M\, S340
FIG. 3A

417



System for pushing information
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Acquiring remaining model parameters from the recommendation model upon
the removal of model parameters corresponding to features that are the same as a
feature of a feature vector and have frequencies less than or equal to a first |~ s410
threshold
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Calculating a click through rate of recommended information based on the
remaining model parameters and features corresponding to the remaining model [~ S420
parameters in the feature vector
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Ranking the recommended information based on the click through rate, and
creating a corresponding issue list to issue the recommended information to the [~ S430

user
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