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Obtain a plurality of candidate recommended objects and a
plurality of association features of each of the plurality of
candidate recommended objects

\ 4

Perform automatic feature grouping on the plurality of
association features of each of the plurality of candidate
recommended objects, to obtain a multi-order feature
interaction set of the candidate recommended object

Y

Obtain an interaction feature contribution value of the
candidate recommended object through calculation based on
the plurality of association features in the multi-order feature

interaction set of each of the plurality of candidate
recommended objects

Y

Obtain a prediction score of the candidate recommended
object through calculation based on the interaction feature
contribution value of each of the plurality of candidate
recommended objects; and determine one or more candidate
recommended objects with a high prediction score as a target
recommended object
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Obtain training sample data, where the training sample data includes a
plurality of candidate recommended object samples and a recommended
object sample clicked by a user; and obtain a plurality of association features
of each of the plurality of candidate recommended object samples

Y

Input the plurality of association features of each of the plurality of
candidate recommended object samples to a multi-order automatic feature
grouping model for automatic feature grouping, to obtain a multi-order
feature interaction set of each candidate recommended object sample

\ 4

Input the multi-order feature interaction set of each of the plurality of
candidate recommended object samples to a feature interaction model for
calculation, to obtain an interaction feature contribution value of each
candidate recommended object sample

Y

Obtain a prediction score of each candidate recommended object sample
through calculation based on the interaction feature contribution value of
each of the plurality of candidate recommended object samples

Y

Adjust a parameter of the automatic feature grouping model and a parameter

of the feature interaction model based on a candidate recommended object

sample corresponding to a maximum prediction score and an object sample

clicked by the user, to obtain an adjusted automatic feature grouping model
and an adjusted feature interaction model
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Obtain original data from a log file
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