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Genera in Dataset

S e A b P
Genera Abundance

Genus
Waddlia
Gemmata
Streptomyces
lannaschia
Thalassobius
Mycobacterium.
Chryseobacterium
Labrenzia
Helicobacter
Thauera :
Mesorhizobium
Leucobacter
Tropicibacter
Rhodococcus
Alcanivorax
Sporanaerobacter
Arenibacter
Chondromyces
Necropsobacter
Acinetobacter
Fusibacter :
Thalassobacter
Cystobacter
Aureispira
Phaeobacter
Flavobacterium -
Brachybacterium
Bifidobacterium
Pseudomonas
Dysg:onomonas:'
Nereida
Acetomicrobium
Saccharopolyspora
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Total Reads

FIG. 2B

8814
4494
1680
932
914
663
656
651
625
622
562
514
489
364
354
337
327
326
325
325
321
321
314
313
310
307
304
302
301
294
293
293
290
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500 ’\

502
receive a first set of one or more microbial features of a first
biological sample from a first subject with a disease determined by
non-specific interactions of a first set of one or more probes with
one or more nucleic acid molecules of the first biological sample

'

504
train a predictive model with the first set of one or more microbial
features of the first biological sample and the disease of the first
subject, thereby producing a trained predictive model

|

506
receive a second set of one or more microbial features of a second
biological sample of a second subject with a disease

|

508
validate the first set of one or more microbial features by comparing
a predicted disease provided by the trained predictive model and
the disease of the second subject, wherein the predicted disease
provided by the trained predictive model is generated when the
second set of one or more microbial features are provided as an
input to the trained predictive model

FIG.5
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600 ’\

602
expose a biological sample of a first subject with a first disease to
one or more probes, wherein the one or more probes bind non-
specifically to one or more nucleic acid molecules of the biological
sample

'

604
sequence the one or more nucleic acid molecules bound to the one
or more probes, thereby generating one or more sequencing reads

}

606
map the one or more sequencing reads to a human genome
database, thereby identifying one or more non-human sequencing
reads

}

608
generate a predictive model for predicting a second disease of a
second subject, wherein the predictive model is trained with one or
more microbial features of the one or more non-human sequencing
reads and the first disease of the first subject

FIG. 6




