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Respectively extract features of a reference frame and of a detection
frame by a neural network

102

Y

Input each group of features among at least two groups of features
output by at least two network layer in the neural network into a
detector to obtain one group of detection results correspondingly

output by the detector respectively for each group of features
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Y

Obtain a detector box of the target object in the detection frame
according to at least two groups of detection results output by the
detector for the at least two groups of features

106

FIG. 1

Extracting a feature of a reference frame and a feature of a frame
under detection, respectively, through a neural network
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Y

Inputting at least two feature groups output from at least two
network layers of the neural network into a detector, respectively
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Y

Obtaining a classification weight for the detector and a regression
weight for the detector based on the feature of the reference frame

206

Performing processing on the feature of the frame under detection
with the classification weight and the regression weight,
respectively, so as to obtain a classification result and a regression
result with respect to each of the plurality of candidate boxes

-2y

A 4

Acquiring a bounding box for the target object in the frame under
detection according to the at least two detection result groups output
from the detector

210

FIG. 2
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Extracting a feature of a reference frame and a feature of a frame under 302
detection through a neural network, respectively T
v
Inputting at least two feature groups output from at least two network layers of /\@4
the neural network into a detector, respectively
v A 4
3& Performing convolution operation, Performing convolution operation, /\336
through an eighth convolution layer, through a fifth convolution layer, on
on the feature of the reference frame, the feature of the reference frame so
and taking the obtained eighth as to Obtain L fifth features as a
feature as a regression weight classification weight
v v
Performing convolution operation, Performing convolution operation,
316 through an ninth convolution layer, through a sixth convolution layer, on 308
\__~— on the feature of the frame under the feature of the frame under L~
detection, so as to obtain P ninth detection, so as to obtain L sixth
features with N2 channels features with N1 channels
\ 4 A 4
Performing convolution operation, Performing convolution operation,
318 through each feature of the P eighth through each feature of the L fifth 310
\—"" features of the regression weight, on features of the classification weight, [~ ~—
a corresponding feature of the P on a corresponding feature of the L
ninth features, so as to obtain P sixth features, so as to obtain L
convolution results convolution results
A 4 A 4
Pertorming convolution operation, . . .
. Performing convolution operation,
320 through a tenth convolution layer, on . 312
. through a seventh convolution layer,
\—" Y the P convolution results, so as to . : .
. . . so as to obtain a classification result
obtain a regression result with . .
. with respect to each of the plurality
respect to each of the plurality of i
. of candidate boxes
candidate boxes
A 4 v
Acquiring a bounding box for the target object in the frame under detection /.\%2
according to at least two detection result groups output from the detector

FIG. 4
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FIG. 6

Inputting at least one sample pair a neural network, and outputting a
bounding box for the target object in a frame under detection in the 402
sample pair through the method of detecting target object according p—~_~

to any embodiment or any implementation or any example

A 4
By taking the output bounding box for the target object in the frame 404
under detection as a predicted bounding box, Training the neural |—~__
network and a detector according to the label information and the
predicted bounding box

FIG. 7
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