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(57) Abstract: Disclosed in the embodiments of the present description are a graph structure model training and junk account identi-
fication method, device and equipment. The solution comprises: acquiring an account medium network graph, a node in the account
medium network graph representing an account and a medium, and at least part of the nodes indicating that the connected nodes have
a login behavior relationship; acquiring feature data of the node and risk annotation data, the feature data reflecting the login behavior
of the corresponding node in a time sequence; training a pre-defined graph structure model according to the account medium network
graph, the feature data and risk annotation data; and identifying a junk account using the trained graph structure model.
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