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Fig. 1 Pseudo-Potential Energy of Connection States
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Fig. 2 Modification method of pseudo-potential

energy of connection states
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Fig.4 Sequential Circuit
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Fig.8 Network by lavered NORs
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Fig.10 Truth table
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Fig. 12 AND-OR network
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Fig. 14 Connection state expression with pseudo-neuron
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Fig. 15 One-output AND-OR network with pseudo-neurons
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Fi.19 Truth table of learning signals
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¥1g20 Karnaugh map of the threshold update A g .
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Fig. 21 State assignment of connection states by pseudo-neuron

weights [Thrasoil  [nput & Qutput ¥ COZ’;‘:?;;"" :;;”:;';E‘:“ Az G QL
T 1-15% ? ; 1-connezt Sq coo0
1 1-05 O 1 l-connect S, 001
|
0 0 direct-
= 1
] 0.3 1 1 connect S: ¢10
i 1.5 0 0 0-connect S; 011
1 0
-1 -1.8 ? 1 l-connect S 100
i
-1 1-05 0 1 [ﬁ‘-’EI‘ZE.[' S, 101
1 0 Connact
-1 0.9 0 Q G-conect Se 110
i 0
-1 1.5 g 9 o-connect S; 111
1] 0

Fig. 22 Karnaugh map of pseudo-neuron output Vi

with input X and state assignment ;0.0
|

Xas I

OlllJlO

O oo

¢ 0
A
X ' | = u_____/l ! = ~i Ga Gz

el 0 q - X, G O

Tz

d

L

/__l e
ra—

14/28



R NS
15 MAR 7005

Fig. 23 Circuit implementation of learning algorithnm
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Truth table for wieght Jearning

Fig. 27
circuit

Truth table for threshold learning
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Fig. 28 Truth table of weight and threshold

modification circuits
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Fig. 29 karnaugh map of next state
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Fig. 31
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Fig. 32 Modification circuit diagram.
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Fig. 38 Learning algorithm Circuit
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Fig. 40 Learning modification circuit by sequen
by sequential network
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Fig. 41 Connection circuit diagram
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Fig. 42 Block diagram of the whole learning circuit by
pseudo-potential energy method
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Fig. 43 Learning in sequential network
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