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301  Atraining device creates a feature information database
302  The training device acquires a first sample subset from

a sample set, the first sample subset comprising a first
support sample and a first query sample

The training device inputs the first sample subset into a first
neural network, to acquire first feature information of the first
query sample generated by the first neural network and
feature information of the first support sample, and acquire
a first prediction result, outputted by the first neural network,
corresponding to the first query sample, the first neural
network being used to classify samples

The training device adds the feature information of the first
support sample into a first queue of the feature information
database

The training device acquires, according to the feature
information database, second feature information
corresponding to M groups of support samples and a first
labeling result corresponding to the M groups of support
samples

The training device generates a second prediction result
corresponding to the first query sample according to the
second feature information corresponding to M groups of
support samples, the first labeling result corresponding to
the M groups of support samples and the first feature
information of the first query sample

The training device performs iterating training on the first
neural network according to a first loss function and a second
loss function, until a preset condition is satisfied, the first loss
function indicating the similarity between the first prediction
result and a second labeling result, the second loss function
indicating the similarity between the first prediction result and
the second prediction result, or the second loss function
indicating the similarity between the second prediction result
and the second labeling result
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(57) Abstract: A neural network training method and a related device, relating to meta-learning technology in the field of artificial
intelligence. Said method comprises: inputting a first sample subset into a first neural network, to generate first feature information and
a first prediction result of a first query sample; according to second feature information corresponding to M groups of support samples
included in a sample set, a first labeling result and the first feature information, generating a second prediction result of the first query
sample and training the first neural network; and a first loss function indicating the similarity between the first prediction result and a
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second labeling result, and a second loss function indicating the similarity between the first prediction result and the second labeling
result, or indicating the similarity between the second prediction result and the second labeling result. With said method, differences in
feature dimensions between different samples in a few-shot task and differences in feature dimensions between a plurality of categories
of samples corresponding to a plurality of few-shot tasks are simultaneously learnt, thereby improving the accuracy of a prediction result.
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