Low-level image features are extracted from an image to be processed, and
high-level semantic features are obtained by performing semantic
segmentation on the low-level image features
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Low-level texture features are obtained by performing at least one of texture
enhancement and texture feature statistics on the low-level image features,
the low-level texture features represent details of Texture enhancement and/
or statistical distribution of the texture features of the image to be processed
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v

A segmented image is obtained by combining the high-level semantic |, —-S103
features and the low-level texture features
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Low-level image features are extracted from an image to be
processed, and semantic segmentation is performed on the
low-level image features to obtain high-level semantic features
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A segmented image is obtained by combining the high-level |-S103
semantic features and the low-level texture features
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sampling

Low-level image features are extracted from an image to be
processed, and semantic segmentation is performed on the low-
level image features to obtain high-level semantic features
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One-dimensional quantization is performed on the low-level
image features to obtain a first coding features and a first initial
quantization feature matrix
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The enhanced texture features are obtained based on the first
coding features and the first initial quantization feature matrix

—S2012

v

The low-level texture features are determined based on the
enhanced texture features
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A segmented image is obtained by combining the high-level
semantic features and the low-level texture features
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Low-level image features are extracted from an image to be processed, and
semantic segmentation is performed on the low-level image features to
obtain high-level semantic features
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The low-level image features are pooled to obtain a first average feature
corresponding to the low-level image features
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A first similarity between the low-level image features and the first
average feature is calculated to obtain a first similarity matrix

—S2011B

v

One-dimensional quantization is performed on the first similarity matrix to
obtain a first quantization progression vector and the first coding features
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The first coding features are fused with the first quantization progression
vector to obtain the first initial quantization feature matrix
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The enhanced texture features are obtained based on the first coding
features and the first initial quantization feature matrix
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The low-level texture features are determined based on the enhanced
texture features
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A segmented image is obtained by combining the high-level semantic
features and the low-level texture features
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