126
C

e e e ettt —— - =

\ 100

FIG. 1



S&=

300

200

FIG. 2A

FIG. 2B




Reflectance

absorbance

360

wavelength

FIG. 3

460

462

wavelength

FIG. 4



500

Data Capture
510

'

First Machine
Learning
520

Database
540

l

A.l. Modules

530

Taste Profile
Prediction
530°

Variety
Prediction
530°

TasteMap™
(Blending)
530°

Adulteration

Screening
530°

Quality
Control
530°

Nutritional
Analysis
530°

FIG. S




600

Captured Data
141

First Machine
Learning
520

Normalization
522

Signature data
prediction
524

A

Predicted
Signature Data
610

Second Machine
Learning

530

Predicted
Signature
620

FIG. 6



600’

Captured Data
141

A 4

First Machine
Learning
520

Normalization
522

Signature data
prediction
524

Predicted
Signature Data
610

Second Machine
Learning
530

Predict
710

FIG. 7

Compare
720

Training
Feedback
730

Predicted
Signature
620




800

™

Captured Data
from Tea Sample
141’

A 4

Unsupervised
Learning
520°

Normalization
522’

Taste Signature
Data Prediction

524°

ProfilePrint™
Data
610°

Supervised
Learning
530°

Predict
710°

Compare
720°

Training
Feedback
730’

Predicted Taste
Signature
620’

FIG. 8




% Sourness .
9
- ¢
o ) L
§ 10
kS
o
A D
10~ ‘ g . »
1] 10 20
Observed
902 ~
[ ]
25~ Bitterness
o
O 00-
=
.2
T -2s-
S
A

Observed

FIG. 9A

8



904 ~

Aftertaste-B

15 -1.0 -05 0.0 05 1.0
Observed

5- Aftertaste-A

3
5 "
-
& -5-
=B
-10-
10 5 0 5
906 ~ Observed
- Saltiness
B o
5
-
g 5
=B
10- ¥
10 5 0 .
Observed
FI1G. 9B

9



Predicted

~ Sweetness

Mol 0-

O

5

: -

A .
»

-10- ¢ .
10 5
Observed

FIG. 9C

10

S -



1000~

FIG. 10

11



1100

FIG. 11

12



