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acquiring a first computational graph corresponding to a model to be trained
and a parallelization strategy for the model to be trained, wherein the
parallelization strategy for the model to be trained includes at least one of the /\i601
following: pipeline parallelism, model parallelism, data parallelism, and
operator split

A

adding, according to the parallelization strategy for the model to be trained,
parallelization information into the first computational graph, to obtain a /\8/602
second computational graph
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converting the distributed computational graph to a distributed
computational graph which is recognizable by a training engine
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