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AA Neural network architecture distribution search (such as ANASOD. NAGC)
BB Neural network architectures generated from the same distribution have similar performance. and
therefore. a neural network architecture is evaluated as a performance surrogate for the entire distribution
cC Yes
DD No
EE s 3 termination ciiterion met?
FF Sample from optimal architecture distributions found, evaluate test performance of each sample by using
an ensemble model. find multiple vertex architectures (the test performance thereof is higher than all direct
adjacent architestures) by means of local searoh, and select the best k vertex architectures to form an ensemble
model
Data'task acquisition
Architecture search space
Recommend a new distribution according to a search policy
Performance evaluation
Update the search policy and a surrogate model
Arshitesture sampling and found architesture ensemble
Output a final architecture ensemble mode!
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(57) Abstract: A method for searching for a neural network architecture ensemble model, comprising: acquiring a data set, the data
set comprising samples and labels in a classification task; and using a neural network architecture distribution search algorithm for
searching, comprising: determining hyper-parameters of a neural network architecture distribution; sampling a valid neural network
architecture in the architecture distribution defined by the hyper-parameters; training and evaluating the neural network architecture on
the data set to obtain performance indexes; determining a neural network architecture distribution of shared hyper-parameters according
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to the performance indexes to obtain a candidate pool of base learners, the base learners being neural network architectures that meet
the requirements of the architecture distribution; and determining a surrogate model, the surrogate model being used for predicting test
performance of an unevaluated neural network architecture; and predicting the test performance of the base learners in the candidate
pool by means of the surrogate model, and determining k diverse base learners that meet task scenario requirements to form an ensemble
model, wherein the size of the ensemble model is k.
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