Drawings
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Acquiring a first transformation model by training, wherein the first transformation
model is configured to generate a first training image according to a first noise
sample, and the first training image is an image of a first style

A 4

Acquiring a reconstruction model by training based on the first transformation model,
wherein the reconstruction model is configured to map an original image sample to a
latent variable corresponding to the original image sample

A

Acquiring a second transformation model by training, wherein the second
transformation model is configured to generate a second training image according to a
second noise sample, and the second training image is an image of a second style

A

Generating a grafted transformation model by grafting the first transformation model
with the second transformation model

A

Generating an image generation model based on the reconstruction model and the
grafted transformation model
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Acquiring a first training sample set, wherein the first training sample set includes a
plurality of first noise samples

v

Acquiring latent variables respectively corresponding to the plurality of first noise
samples aby inputting the plurality of first noise samples into the first mapping
network

\

!

Acquiring first training images respectively corresponding to the plurality of first
noise samples by inputting the latent variables respectively corresponding to the
plurality of first noise samples into the first synthesis network

l

Adjusting a weight parameter of the first transformation model based on the first
training images respectively corresponding to the plurality of first noise samples

v

Acquiring a second training sample set, wherein the second training sample set
includes a plurality of original image samples

v

Generating latent variables respectively corresponding to the plurality of original
image samples by inputting the plurality of original image samples into a
reconstruction model

\

v

Generating reconstructed images respectively corresponding to the plurality of original
image samples by inputting the latent variables respectively corresponding to the
plurality of original image samples into the first transformation model

)

Determining losses of the reconstruction model respectively corresponding to the
plurality of original image samples based on the plurality of original image samples
and the reconstructed images respectively corresponding to the plurality of original

image samples

)

Adjusting a weight parameter of the reconstruction model based on the losses of the
reconstruction model respectively corresponding to the plurality of original image
samples

l

Acquiring a second transformation model by training, wherein the second
transformation model is configured to generate a second training image according to a
second noise sample, and the second training image is an image of a second style

'

Generating a grafted transformation model by grafting the first transformation model
with the second transformation model

!

Generating an image generation model based on the reconstruction model and the
grafted transformation model, wherein the image generation model is configured to
transform an image to be transformed of the first style into a target image of the
second style

FIG.3
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Generating a latent variable corresponding to an image to be transformed
by inputting the image to be transformed of the first style into a
reconstruction model
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v

Generating a target image corresponding to the image to be transformed
based on the latent variable corresponding to the image to be transformed
using a grafted transformation model, wherein the target image is an
image of the second style
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