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output by at least two network layer in the neural network into a 
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output by the detector respectively for each group of features
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Performing processing on the feature of the frame under detection 
with the classification weight and the regression weight, 

respectively, so as to obtain a classification result and a regression 
result with respect to each of the plurality of candidate boxes

Acquiring a bounding box for the target object in the frame under 
detection according to the at least two detection result groups output 

from the detector
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Inputting at least one sample pair a neural network, and outputting a 
bounding box for the target object in a frame under detection in the 
sample pair through the method of detecting target object according 

to any embodiment or any implementation or any example

By taking the output bounding box for the target object in the frame 
under detection as a predicted bounding box, Training the neural 
network and a detector according to the label information and the 

predicted bounding box
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