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Train a sequence to sequence (seq2seq)-based dialog model using a loss function
including topic range constraint information
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Generate a dialog using the trained dialog model
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Train a topic model to obtain multiple first topic vectors
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Determine a first topic vector corresponding to a reply word sequence Y according
to the trained topic model

v

Perform pooling and MLP transformation operations on various hidden-state output data during
processing in the dialog model corresponding to Y, thus obtaining a second topic vector
corresponding to Y

'

Calculate a first similarity between the second topic vector corresponding to Y and
the first topic vector corresponding to Y and a second similarity between the second
topic vector corresponding to Y and an irrelevant topic vector

'

Substitute the first similarity and the second similarity into a loss function including a topic range
constraint function to calculate a loss, and adjust the dialog model according to the loss
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