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FIG. 6
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festid | IEDB HLA | lengih | testsize | frainsize | bindprop | bind_size
11 1029824 | AD201 9 [ 10548 0.548 5T
21 1029125 | BTG 9 21 2439 0.305 743
41 1078928 | AD20T g 13 10549 0,548 5784
71 1026790 | AG201 g 55 10549 0,548 5784
81 1026790 1 AG201 10 35 387 0.667 2126
91 1028790 | AD202 g 55 1706 0721 1231
101 1026790 | AD23 9 58 il 0.564 1531
111 1028790 | A0203 10 35 1424 0,740 1054
151 1026790 | A6 10 35 1432 0.565 810
FiG. 135

HLA-CNN reproducibilty fest by AUC

[T T T

L L L L]

F
L]

(LTI

E

l

HEEEN
l

S

NN
AN

T T LTI
T L]

HEREERE
Ll L]
NN

T T
(LT ]
N N R R R

L L1

TR A PR LR P T TR D T

O
o o
-
<3
-
-
<
=
{«)m
.
priad

FiG. 138



WO 2019/161342 PCT/US2019/018434

15/20

HLA-CNN reproducibity test by SRCC
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FIG. 14
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testid | IEDB HA | length | testsize | frainsize | bindprop | bind size

! 1029624 | ADDS 9 11 10549 0548 5784

20| 1029 | BOS | 9 21 2439 0.305 743

4 1020928 | ADX0T | 8 13 10549 0.548 5784

71 1008790 | ADOT | @ 5 10549 0.548 5784

8 | 1020790 | AG0T 1 10 3 87 0,667 2126

9 | 1028790 | A2 | & 53 1706 0.721 1231

10 | 1028760 | AD203 | & 55 271 0.564 1531

1o 10870 | A0S 10 3 1424 0.740 1054

15 | 1008790 | A6802 | 10 5 1437 0.565 810

FIG. 16A
RMSprop oplimizer vs Adam optimizer by AUC
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1 RMSprop optimizer vs Adam optimizer SRCC
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